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Abstract Root distributions are typically based on root mass per soil volume. This plant‐focused approach
masks the biogeochemical influence of fine roots, which weigh little. We assert that centimeter‐scale root
presence‐absence data from soil profiles provide a more soil‐focused approach for probing depth distributions of
root‐regolith interfaces, where microsite‐scale processes drive whole‐ecosystem functioning. In 75 soil pits
across the continental USA, Puerto Rico, and the Alps, we quantified fine and coarse root presence as deep as
2 m. In 70 of these pits we estimated root mass and created standardized metrics of both data sets to compare
their depth distributions. We addressed whether: (a) depth distributions of root presence‐absence data differ
from root mass data, thus implying different degrees of root‐regolith interactions with depth; and (b) if root
presence or any depth‐dependent differences between these data sets vary predictably with environmental
conditions. Presence of fine roots exhibited diverse depth‐dependent patterns; root mass generally declined with
depth. In B and C horizons, standardized root presence was greater than standardized root mass; random forest
analyses suggest these discrepancies are greater in B horizons with increasing mean annual precipitation and in
C horizons with increasing mean annual temperature. Our work suggests that deep in the subsurface,
biogeochemical and reactive transport processes result from more numerous root‐regolith interfaces than mass
data suggest. We present a new paradigm for discerning patterns in depth distributions of root‐regolith interfaces
across multiple biomes and land uses that promotes understanding of the roles of those interfaces in driving key
critical zone processes.
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Plain Language Summary Understanding how plant roots are distributed throughout soil layers is
important for predicting where plants promote transformations of soil carbon, generate soil and redistribute
nutrients, and modify water flows. All these processes affect climate by regulating how well plants take in
atmospheric CO2. In 75 soil pits across the US and the Alps, we quantified fine and coarse root presence as deep
as 2 m. In 70 of these we estimated root mass, permitting comparison of these data sets' variation with depth.
Fine root presence exhibited especially great variation with depth compared to root mass. Differences between
the data sets were greatest in B and C horizons and reflect numerous fine roots that weigh little. Discrepancies
between total root presence and mass were linked to mean annual precipitation (MAP) in B horizons and mean
annual temperature (MAT) in C horizons, with the root presence metric increasingly dwarfing root mass in these
horizons asMAP andMAT increases. We illuminate how, deep in the subsurface, plant‐mediated carbon, water,
and nutrient transformations emerge from more numerous root‐soil interfaces than mass data suggest. Our work
presents a new paradigm for discerning depth‐dependent patterns of the root‐soil interactions that drive the
ecosystem functions that sustain life.

1. Introduction
The extent to which Earth's regolith (Merrill, 1897; Richter et al., 2020) is rooted determines critical ecosystem
functions. Roots and their growth and death shape the belowground arrangement of soil particles and thus the
pores that surround them (Angers & Caron, 1998; Barley, 1953; Clark et al., 2003; Guthrie et al., 2025; Hinsinger
et al., 2009; Oades, 1984; Rillig et al., 2015), modulating fluid and solute flows and associated ecosystem pro-
ductivity (Sullivan et al., 2022). The volume of rooted regolith helps define the volume throughout which organic
carbon (C)—whether from root tissue itself, root exudates, or microbes in the rhizosphere—is distributed
belowground (Callesen et al., 2016; Dietzel et al., 2017; Jobbágy & Jackson, 2000; Kravchenko et al., 2019;
Poeplau et al., 2021). Rooted regolith volume further determines the water and nutrients potentially available to
vegetation, though the depths at which roots may derive water and macro‐ and micro‐nutrients often are
incongruent.

Roots, and particularly fine roots, can serve different purposes across depths. For example, in grasslands, the
majority of root water uptake appears to be derived from near‐surface soil layers, though fine roots persist at great
depths in these systems (Asbjornsen et al., 2007; Nippert & Knapp, 2007; O’Keefe & Nippert, 2017). In other
ecosystems, rooting depths are linked to the depths at which regolith water is stored (Y. Fan et al., 2017), with
even deep, rock‐derived moisture contributing to forest water balance (Rempe & Dietrich, 2018). Moreover,
within a given depth interval, roots function differently to access varied abundances of organic matter‐ and
mineral‐ or rock‐bound nutrients (Hauser et al., 2023; Newman et al., 2020). Organic matter‐bound nutrients tend
to proliferate near the soil surface, while deeper roots tend to experience greater exposure to mineral‐ and rock‐
bound nutrients. The differential depth distribution of organic and mineral nutrient sources of many terrestrial
ecosystems requires contrasting exudates for nutrient liberation (i.e., enzyme‐ vs. acid‐based), drives nutrient
uplift, and feeds back to the distribution of roots throughout the regolith (Hauser et al., 2020; Jobbágy & Jack-
son, 2004; Soper et al., 2018).

Root abundance is often examined in a way that reflects plant‐focused research questions (Figure 1a). Estimates
of rooting depth distributions are often based on root mass or root C per unit volume of soil (Freschet et al., 2021);
depth distributions of root specific length per unit volume of soil are less frequently reported (cf. Ostonen
et al., 2007) due to the more time‐consuming nature of such assays. The root mass approach reveals general
declines in root mass with depth in a diversity of biomes that imply a decline with depth in root‐regolith in-
teractions, here defined as the interplay of belowground, microsite‐scale biological, physical, and chemical
processes that drives whole‐ecosystem functioning. These declines in root mass with depth are often approxi-
mated using some form of an exponential decline function such as:

Y = A · e− β · d

where Y is root mass, A is root mass at the soil surface, d is soil depth, and β is a modeled parameter defining the
steepness of root mass decline with depth. In this formulation, β approximates the negative natural log of β
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presented in Jackson et al. (1996), who model the cumulative fraction of root
mass with depth. Though roots can exhibit bimodal mass distributions in
some ecosystems (M. Lu et al., 2025), exponential decline functions have
proven useful for categorizing rooting depth distributions by biome, projec-
ting how humans modify rooting depths at regional and global scales, and
revealing global‐scale variation in belowground plant investments (Hauser
et al., 2022; Jackson et al., 1996; Tumber‐Dávila et al., 2022; Zeng, 2001).
The β values also are leveraged in a variety of hydrologic and land surface
models, some of which represent global terrestrial water, energy, and C land‐
atmosphere exchange in Earth system models (ESMs). For example, in the
Community Land Model version 5 (CLM5), β values emerging from inferred
exponential declines of root mass with depth help define soil water and C
fluxes and soil water removed from each soil layer, and indirectly control the
partitioning of precipitation into runoff and transpiration by influencing near‐
surface moisture (Lawrence et al., 2019). The shape of root mass‐derived
rooting depth distributions thus has important implications for ESM pro-
jections of water, C, and energy exchanges between the land surface and
atmosphere, and inferences about belowground plant investments and root‐
regolith interactions—those biological, physical, and chemical processes
that intersect to drive ecosystem functioning.

In spite of the utility of plant‐focused approaches for multiple research
questions about root distributions, root mass measurements present a key
challenge if we seek a predictive understanding of the influence of roots on
the subsurface and the more soil‐derived ecosystem functions that emerge
from root‐regolith interactions. Indeed, the extent of root‐regolith interfaces is
difficult to represent using root mass values, which are dominated by coarse
roots. Fine roots generally exhibit relatively low mass but higher surface area
per unit mass than coarser roots (Freschet et al., 2021). Compared to relatively
coarse roots, fine roots thus respire more rapidly (Makita et al., 2012; Para-
diso et al., 2019), can promote greater accrual of soil organic C (SOC;
Malhotra et al., 2025), generate more root exudates (Guyonnet et al., 2018;
Meier et al., 2020; Sun et al., 2020), grow faster (Eissenstat, 1991), support
larger rhizosphere microbial communities (L. Wang et al., 2020), and exhibit
greater turnover (Hou et al., 2024; McCormack et al., 2012) and acquisition of
both water (Bachofen et al., 2024) and nutrients (Cochavi et al., 2020). As a
result, fine roots play an outsized role in many ecosystem processes given
their relatively meager mass and that root and rhizosphere volumes are
dwarfed by whole‐soil volume in many systems (e.g., Schlüter et al., 2018;
Stevenson, 1967; Wiersum, 1961). Such mismatches between root mass and
the extent of root‐regolith interactions are likely to be particularly acute deep
in soil profiles. Deep in the subsurface, the tendency of roots to extend into
pore spaces with diameters greater than themselves (Wiersum, 1957) means
that coarse roots have fewer spaces available to them than fine roots and must
make room for their growth, a process that requires an increase in the density
of the surrounding soil (Martinez et al., 2021). Thus, fine root growth tends to
dominate over coarser roots in relatively deep soil (e.g., J. Fan et al., 2016).

This, combined with the high process rates promoted by relatively fine compared to coarse roots, suggests that
mass‐derived rooting‐depth distributions likely underestimate the deep root‐regolith interactions that define many
ecosystem functions.

Root presence‐absence data offer a different way of conceptualizing how root‐regolith interactions, and thus how
many ecosystem functions, vary with depth and drive multiple critical zone processes. Historically, various forms
of root presence‐absence data have been generated during root mapping efforts in the field (e.g., Dauer
et al., 2007; Dauer et al., 2009; van Noordwijk et al., 2000; Weaver & Bruner, 1927). Assessments of root

Figure 1. Contrasting targets of research of plant‐ (a) and soil‐ (b) focused
researchers who investigate root functions in the soil they inhabit. SOM, soil
organic matter.
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presence or absence on an areal basis, when conducted at an appropriate spatial scale, enable us to estimate
volumes of soil intimately affected by root presence and activities. Quantifying root presence or absence within a
soil profile at the centimeter scale, for example, allows for detailed, spatially‐explicit estimates of depth‐varying
root‐regolith interactions (Billings et al., 2018; Hauser et al., 2020; Jarecke et al., 2024; Souza et al., 2023; L.
Wang et al., 2025). Such an approach shifts the focus from the depth‐varying, belowground C investments and
resource uptake of the plants to the soil, and showcases the depth‐dependent volume of soil occupied by, and thus
interacting with and modified by, roots.

Given that roots push soil profiles along developmental trajectories that thicken the volume of material available
for rooting (Alban, 1982; Hauser et al., 2023; Jobbágy & Jackson, 2001; Stone, 1975; Sullivan et al., 2019), we
advocate that it is of equal importance to consider a soil‐centered (Figure 1b) approach to root distributions. This
approach considers the volume of soil immediately surrounding roots and thus most intimately influenced by
them. It is particularly helpful when investigating the influence of plants on belowground processes and
consequently their role in governing water and C fluxes to the atmosphere and in driving soil development.
Global‐scale evidence is mounting that the depths to which roots extend into the regolith, and thus the volume of
rooted regolith, is changing via multiple mechanisms (Billings, Sullivan, et al., 2024; Hauser et al., 2022).
However, such root mass‐derived estimates do not explicitly capture the volume of soil most immediately
impacted by roots. As such, understanding the role of roots from a soil‐centered approach seems especially
important. While the gold standard for quantifying root‐regolith interactions is arguably best accomplished
through the quantification of root surface area or, perhaps, root length density (Bardgett et al., 2014; Greg-
ory, 2006; Guerrero‐Ramírez et al., 2021; Jackson et al., 1997), these studies require ex situmeasurements and are
typically conducted at few locations due to the labor‐intensive nature of the work (Wiersum, 1961). However,
depth distributions of root presence‐absence data, obtained in situ with far less labor than root surface area and
root length density measurements, may provide a proxy for understanding variation across depth in root‐regolith
interactions given robust, positive correlations between root counts and root length density (Dauer et al., 2009).

Here, we compare root presence‐absence and root mass data from a diversity of ecosystems. To our knowledge,
this is the first comparison of depth distributions of root mass with root presence‐absence data that applies
consistent methodologies across a wide array of vegetation and soil types. We address two questions: (a) How do
depth distributions of root presence‐absence data and root mass data differ? and (b) What are the environmental
conditions that drive root presence and depth‐dependent differences between these types of data? We present
depth distributions of root presence for two root size classes derived from 75 soil pits. We estimated the soil
volume influenced at the 1‐cm spatial scale by these root size classes. For most of these pedons, we compared
presence‐absence‐derived depth distributions with root mass data obtained from the same soil pits. We
demonstrate how root presence‐absence data present a contrasting view of the degree to which root‐regolith
interactions vary with depth, and offer a pathway to greater understanding of the mechanisms by which vege-
tation transforms the biological, chemical, and physical character of the subsurface. Our work offers a way
forward for testing key belowground parameters in hydrologic models and in ESMs used to project land‐
atmospheric coupling and ecosystem functioning. Finally, it provides benchmark values of regolith volumes
closely influenced by roots to which we can compare future estimates as climate and land cover continue to
change in the Anthropocene.

2. Methods
2.1. Root Presence‐Absence Quantification and Assumptions

We estimated the soil influenced by roots at the 1‐cm scale by excavating 75 soil pits in multiple ecosystems
representing a range of different climate conditions, vegetation and soil types, lithologies, and land‐use histories
(Table S1 in Supporting Information S1, Figure 2). Most soil pits were excavated to either the depth at which
digging became unfeasible (“depth of refusal”) or ∼2 m, whichever was shallower. Most soil pits (52) were
characterized by USDA Natural Resource Conservation Service (NRCS) staff scientists. Twenty‐three pits were
characterized by soil scientists trained in pit characterization using NRCS methods; all of these individuals have
substantial experience in pedology. In each pit, we ensured the pit profile was cleaned of debris and took pho-
tographs of the pit face, onto which we placed measuring tapes for scale. We ensured that each photo was taken
with the line of sight perpendicular to the vertical pit face, and that the area photographed was broadly repre-
sentative of visible soil features and root abundance across the pit face area. Wherever possible, pits were dug so
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that the working pit face did not face the afternoon sun, slowing soil moisture loss to evaporation; this approach
often helped us capture photos in which roots and soil had sharper color contrasts. In croplands, this approach
often also meant that the pit face ran perpendicular to north‐to‐south‐running rows of vegetation, ensuring that
soil pit faces included roots from crop rows and row interspaces. We typically photographed pit profiles ∼40 cm
wide, though in several pits this was not possible. Photos of adjacent depths captured overlapping areas, resulting
in multiple shots of the same pit face area that were useful for checking for root presence or absence in any photo
for which there was a question during analysis.

To quantify the presence or absence of roots across each soil pit face, we overlaid each image with a 1 × 1 cm grid
in the analysis software ImageJ (Schneider et al., 2012). This approach is broadly similar to manual approaches of
observing roots within pits or trenches in situ with a pre‐made grid, but relies instead on photographs and a finer‐
scale grid than typically employed (Freschet et al., 2021; Schuurman & Goedewaagen, 1971; van Noordwijk
et al., 2000). Following the methodology first presented in Billings et al. (2018), we assigned each grid cell in the
photo a corresponding cell in a spreadsheet, into which we recorded the presence or absence of a root (Figure S1 in
Supporting Information S1). Roots less than 1 mm in diameter were scored as fine roots and roots greater than or
equal to 1 mm in diameter were scored as coarse. Many studies set an operational definition for fine roots as those
with diameters less than 2 mm; however, no strict diameter thresholds for root functioning can be appropriately
applied across all vegetation types, depths, and environmental conditions (Freschet et al., 2021). We set the
threshold for our fine root category at 1 mm so we could be more confident that roots classified as “fine” are active
in root‐resource acquisition and exudation than a threshold of 2 mm might allow, though we cannot know with
certainty if this was the case. Because our focus is the soil volume at the 1‐cm scale containing—and thus under
close influence of—roots, only root presence or absence in each grid cell was recorded, not the number of roots
nor any root morphological characteristics. We could not reliably distinguish between living or dead roots and
thus made no attempt to do so; our discussion of root presence therefore assumes that any dead roots were
functioning in the recent past (i.e., over a timescale of months). If a grid cell contained both fine and coarse roots,
we recorded that cell as containing a coarse root only (explained below); for brevity, these data are described as
“coarse.” To ensure consistency in root scoring across personnel, individuals learning how to score root data had
their root data from randomly selected soil pits re‐scored by the most experienced team member; any discrep-
ancies were highlighted and explained to the trainee. Root data generated by all personnel were periodically
checked by others, and all personnel consulted with other lab members when they encountered questionable grid
cells. Finally, for each 1‐cm thick layer in each soil profile, we computed the fraction of that layer's area con-
taining fine roots, coarse roots (which potentially represents coarse plus fine), and the sum of these two categories.

There are several features of this approach that must be considered when interpreting the data. Data derived from
this approach necessarily reflect that the abundance of roots exposed on a soil pit face represents biases. Any pit

Figure 2. Map of soil pits excavated in the continental US, Puerto Rico, and the Italian Alps for this study. Regions are colored by the specified bioclimatic regions;
symbol size reflects number of soil pits in a location.
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excavation necessarily results in the cleaving along planes of weakness that may expose root abundances different
from what whole‐soil volumes experience. Variation in blade sharpness during pit face excavation and clearing
also may induce variation in root severing that would influence our data. Further, roots growing perpendicular to
the pit face versus those growing parallel to it may be represented to different degrees (van Noordwijk
et al., 2000).

There also are features specific to our presence‐absence scoring approach important to consider when interpreting
the data and our transformations of them. First, grid cells hosting more than one root of either size class are
represented in the data set in the same way as those hosting only one. Particularly in shallow horizons where grid
cells hosting more than one root were more common, this approach results in a data set that differs from that
produced by efforts that might report counts (not just presence or absence) of visible roots. The approach is
designed to permit assessment of whether soil is or is not directly influenced by (i.e., is within 1 cm of) a root.
Second, fine roots are not recorded when they occur in the same grid cell as coarse roots. This approach, prompted
in part by the need to reduce root size class information into a dichotomous variable, results in presence data for
fine roots being more conservative than coarse roots and thus establishing a known underestimation of fine roots,
especially near the surface. Our estimates of soil closely influenced by fine root presence, then, are also con-
servative. This approach might have greater implications in forest ecosystems, where coarse and fine roots likely
intermingle to a greater extent than in grass‐dominated systems. Third, the data presented are most appropriately
interpreted in the context and at the scale of the 1‐cm grid. If the overlaid grid cells had been smaller (e.g.,
0.5× 0.5 cm), the values of our metric could not have increased but may have decreased. Thus the degree to which
the reported metric is conservative depends on the spatial scale at which it is assessed, and our results must be
interpreted in that context. Fourth, our approach ignores the length of individual roots. Our method of scoring root
presence therefore does not differentiate between multiple, distinct roots present in multiple grid cells, or single
roots extending through multiple grid cells. Such differentiation is difficult to achieve when working with pit
faces, but our focus is on root presence, not counts. Further, if a single root traversed through multiple grid cells,
we cannot know the degree to which root function remains constant throughout its length, a limitation that
constrains any inference about a root's influence on the surrounding soil.

Finally, we consider the fraction of each layer's area containing roots to represent a conservative estimate of the
minimum fraction of soil volume in each 1‐cm thick layer extending 1 cm into the pit face that contains roots.
Though using two‐dimensional root data to make inferences about three‐dimensional space can be problematic
(van Noordwijk et al., 2000), our approach allows for this if we accept that any such volume‐based estimation of
root presence or absence is conservative, given that grid cells not displaying a root on the pit face are scored as
such (i.e., not present) in spite of any invisible root just beyond the soil pit wall. We thus estimated the volume of
soil within 1 cm3 of each root at each sampled site using the photo‐derived, presence‐absence data from each 1‐cm
thick soil layer and assuming these data were representative of the soil layers comprising a 1 m × 1 m column
extending to the deepest depth excavated for each soil pit. With the understanding that pit excavation may
introduce biases, and that our estimates of especially fine root presence are conservative, our grid‐cell‐based
approach allows us to approximate depth distributions of soil in contact with or very near roots at the 1‐cm
scale, and provides us with a means of estimating soil volumes most directly influenced by roots throughout
soil profiles.

2.2. Root Mass Quantification

For 70 of the 75 soil pits we were able to quantify root mass per unit volume of soil (we could not obtain both root
mass and bulk density measures for the same soil depths in the remaining five pits). Bulk soil samples (>1 kg)
were collected during pit excavation, either from each genetic horizon or at regular depth intervals. Upon return to
the laboratory, representative subsamples (∼50–75 g) were air‐dried, frozen, or oven‐dried at 60°C for at least
48 hr. Prior to subsampling, each soil sample was homogenized within the bag by hand (after thawing for frozen
samples). Any rocks >2 mm were removed from the subsample prior to recording its weight. We then hand‐
picked roots from each subsample using forceps. For some clay‐poor soils, excess soil easily was separated
from roots. However, for most soils, roots required gentle washing over a fine‐mesh sieve (212 μm) to remove
soil. Root samples were then oven‐dried at 60°C for at least 48 hr, with the exception of roots from sites with soils
regulated by the United States Department of Agriculture. For those sites, we dried roots at 110°C > 24 hr. We
then recorded the dry root mass. Because root mass was collected either at 10‐cm intervals or by soil horizon,
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depending on the soil profile, these data reflect lower depth resolution than the 1‐cm‐scale, photo‐derived
presence‐absence data.

For each air‐dried or fresh‐frozen soil sample, another subsample was collected to determine soil moisture
content. For these samples, we sub‐sampled ∼5 g, oven‐dried this sub‐sample at 105°C for at least 24 hr, and then
re‐weighed. We calculated the dry‐soil fraction for each sample and used these values to calculate dry soil mass to
generate root mass metrics per g dry soil. We then used bulk density collected for each horizon or 10‐cm depth
intervals at the time of excavation to transform our root mass values into root mass per unit soil volume. Bulk
density values for “fines” (i.e., with soil particles <2 mm in diameter) were obtained using the oven‐dried mass
<2 mm in diameter extracted from soil pits with a core of known volume (Lang et al., 2025). Because soil
subsamples were subjected to oven‐ or air‐drying prior to root removal and root volume shrinks differentially
upon drying across size classes, we were unable to reliably classify roots into size classes. We thus present total
root mass for each soil depth interval within a soil pit. We also note that, as for root presence assays, we could not
reliably distinguish between roots that were living or dead at the time of sampling. Accordingly, we use the term
“mass” instead of “biomass” to acknowledge this uncertainty.

2.3. Additional Site Information

During pit excavation, we recorded basic ecosystem features like the dominant vegetation classification (Dom-
Veg, the coarsest vegetation category used), specific cover type (Landcover, a more specific descriptor of the site's
vegetation), the dominant soil formation process, and the underlying lithology (Table S1 in Supporting Infor-
mation S1). For each site, we obtained mean annual temperature (MAT), mean annual precipitation (MAP),
potential evapotranspiration (PET), actual evapotranspiration (AET), and net primary productivity (NPP) esti-
mates (Table S1 in Supporting Information S1) from NASA's Application for Extracting and Exploring Analysis
Ready Samples (AppEEARS) portal at appeears.earthdatacloud.nasa.gov. We also quantified soil organic C
(SOC) and clay concentration (Table S1 in Supporting Information S1). We obtained SOC data by oven‐drying
soil subsamples, grinding them to a fine powder, and combusting them in an elemental analyzer at the stable
isotope laboratory at Kansas State University or, for the Alps samples, at the National Research Council of Italy's
Institute of Geosciences and Earth Resources. We added drops of 1 N HCl to samples suspected of containing
carbonates to determine carbonate presence; no sample exhibited signs of needing acid treatment prior to mea-
surement. Clay concentrations were obtained via sedimentation cylinders following NRCS protocols (Soil Survey
Staff, 2022a) or a laser diffraction approach as described in Rauscher et al. (2018).

As with all ecosystem studies necessitating soil excavation, site selection and soil pit location at each site are two
of the most important decisions made by the investigator. Three features of sites selected for this study deserve
special mention. First, in all ecosystems, we tried to situate soil pits in locations that represented the site well.
However, we cannot know the extent to which we succeeded in doing so without accessing an unknown, larger
number of pits in each ecosystem. We also cannot claim that the sampled locations are accurate examples of their
broader ecosystem type. For example, our “tropical hardwood” sites all occur in Puerto Rico and our “alpine
meadow” sites all occur in Italy, though these ecosystem types exist in diverse locations. Further, our sites are not
necessarily representative of key dominant traits often observed in their soil order. For example, soils at the desert
sites do not contain carbonates, a key feature in most Aridisols that can influence root architecture in many
aridlands, especially if a caliche layer is present. Thus, we emphasize that our site descriptors are intended only to
help the reader envision the site, and not as an indication that any one site's data represent that ecosystem type
globally. Second, we also must consider a key difference between grass‐dominated systems and those with a
greater fraction of interspace at the soil surface (i.e., the space between dominant vegetation in forests, shrublands,
deserts, and croplands). Investigators can readily dig soil pits in grass‐dominated systems and observe grass roots
that support the vegetation growing immediately at the surface of the pit face. In other systems, this is more
difficult. For example, forest soil pits are nearly always between and only rarely directly under trees. Thus, data
from grassland soil pits may represent root presence at grassland sites, while data from forest, shrubland, and
cropland pits necessarily represent the interspace. Third, our study does not include sites containing permafrost,
and thus permafrost's physical constraints on root depth are not considered here. With proper consideration of
these constraints, our sampling efforts allow us to explore root abundance measures in a diversity of ecosystem
types.
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2.4. Scaling and Statistical Approaches

We scaled data by dividing each value by its maximum value within each pit to permit direct comparisons of total
root presence‐absence (i.e., the sum of the two size classes' data) and total root mass data within each soil pit. We
tested for differences across scaled metric values in each pedon's major diagnostic horizons (A, B, C). Because the
distributions of the scaled metrics were not normally distributed and the homogeneity of variances was violated
for parametric approaches, we performed a Wilcoxon signed‐rank test to assess differences in median values
between presence‐ and mass‐derived metrics within each of the three major horizons. Because of the increased
risk of observing a Type I error (i.e., a false positive) when testing for significant differences within three ho-
rizons, we applied a Holm‐Bonferroni correction to our p values. Given the challenges of obtaining relatively
deep root mass or presence‐absence data, we also assessed whether the average of either metric in a given horizon
could be used to estimate that metric's value in a deeper horizon (e.g., if the average of the scaled presence‐
absence metric in all A horizons was a useful predictor of the average scaled presence‐absence metric in all B
horizons). To do this, we assessed relationships between each metric's mean value across each of the major
horizons (A, B, C) using linear models to predict that metric's mean value in another major horizon, across all the
soils. If the data violated assumptions of homogeneity of variance or normality, we recalculated p values based on
Huber‐White robust standard errors (Huber, 1967; MacKinnon & White, 1985; White, 1980).

We used random forest models within each major horizon designation (A, B, C) to estimate the most robust
predictor of fine and coarse root presence. We also used random forest models to estimate predictors of the
discrepancy between the scaled total presence‐absence root metric and the scaled root mass metric, which we
calculated as the ratio of the scaled metrics (Rp/m) for each major horizon. This ratio allows us to identify the
pedons in which the root presence‐absence and root mass approaches differed the most. Random forest models
leverage a machine‐learning algorithm to build multiple decision trees from random subsets of the data with
replacement (Breiman, 2001). For each of the three major horizons separately, we bootstrapped (n= 100) random
forest models using the cforest function in the R package “party,” which can handle missing predictor values and
work well on relatively small data sets (Hothorn et al., 2008; Hothorn, Bühlmann, et al., 2006; Hothorn, Hornik, &
Zeileis, 2006; Strobl et al., 2007, 2008; Zeileis et al., 2008). Our random forest models contained 500 individual
decision trees that the model aggregated to make its predictions. The cforest function is based on conditional
inference trees, and predictions of fine and coarse root presence as well as Rp/m emerge based on the mean of all
trees. The models retained observations with missing predictor variables by routing them fractionally, in pro-
portion to the observed split distribution, avoiding the loss of a whole observation if just one predictor variable
was missing for that case. These models are more protected from overfitting than other methods, and the approach
works with continuous (e.g., climate data) and categorical (e.g., underlying lithology) predictor variables in the
same model.

Potential predictor variables included the continuous variables MAT, MAP, PET, AET, a dryness index (DI,
defined as PETMAP− 1), NPP, SOC, and percent clay (Clay; Table S1 in Supporting Information S1). Categorical
variables included each site's Landcover, DomVeg, underlying lithology (Lithology), and soil‐formation type
(SoilFormation; Table S1 in Supporting Information S1). Note that all predictor variables have the same value for
each individual pedon's A, B, and C horizons except SOC and Clay, for which we used the horizon‐averaged
values.

To guide selection of which ecosystem characteristics of the suite to include in the models, we employed Pearson
correlation coefficients for continuous variables and Cramer's V for categorical variables. We considered rela-
tively high values (i.e., >0.8) of both statistics as indicators of a variable that could be omitted from the model.
This practice limits the problem of distributing variable importance across closely related variables, which can
mask the potential importance of those variables. Using these guided, bootstrapped models, we generated variable
importance values with which to assess the most robust predictor(s) of Rp/m for each horizon. We also computed
pseudo‐R2 values to estimate variability of model fits across multiple model runs. All errors presented represent
one standard deviation from the mean.

All data processing, plotting, and statistical tests were performed in R 4.5.1 (R Core Team, 2023). Some scripts,
particularly ggplot functions, were made more efficient with artificial intelligence (AI). Data displayed in all plots
were checked to ensure fidelity with the original input dataframe, whether that plot's ggplot commands were
assisted with AI or not.
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3. Results
3.1. Distinct Depth Profiles in Presence‐Absence and Mass Data

Depth distributions of fine, coarse, and total root abundance derived from presence‐absence data exhibited a
diversity of patterns, including increasing, decreasing, and highly variable abundance with depth (Figure 3,
Figure S2). Coarse root abundance appeared to decline with depth more regularly than fine roots and more closely
matched depth distributions of root mass (Figure S3), though this was not universal. Depth trends in total root
presence often masked disparate depth trends in fine and coarse root presence. In the top 10 cm of all pedons, a
mean of 47 ± 25% of soil pit face area contained fine roots, 21 ± 16% contained coarse roots, and 67 ± 25%
contained coarse plus fine roots (i.e., the sum of coarse and fine categories). In the bottom 10 cm of all pedons,
these values were 36± 28%, 7± 13%, and 41± 30%, respectively. Mean root presence thus declined from the top
10 cm to the bottom 10 cm by 24%, 66%, and 39% for fine, coarse, and total roots, respectively. The fraction of
soil volume directly influenced by fine roots (i.e., at the 1‐cm scale) ranged from 0.04 to 0.95 for fine roots, 0 to
0.77 for coarse roots, and 0.08 to 1 for total roots (Figure S4).

Depth distributions of root mass reveal general declines in mass with depth, though this pattern was not observed
in mixed conifer and white fir forests, some Douglas fir and spruce forests, and one desert and one crop site
(Figure 3, Figure S3). The shallowest and deepest values of root mass exhibited high variation across all pits, with
root mass nearest the soil surface averaging 4.2 ± 7.4 mg cm− 3, and 0.08 ± 1.6 mg cm− 3 at the deepest available
depths. This represents an average decline with depth of 82%.

3.2. Scaled Data Highlight Horizon‐Specific Differences Between Root Presence and Mass Data

Scaled values of total presence‐absence and root mass data permit direct comparison of these metrics' depth
distributions (Figure 3, Figure S5). Of the 70 pedons for which we had both presence‐absence and root mass data
available, all had A horizons, 68 had B horizons, and 33 had C horizons. The Wilcoxon signed‐rank test revealed
no difference in medians between the two scaled metrics in A horizons (p = 0.994) and significant differences in
B (p < 0.001) and C (p < 0.001) horizons (Figure 4).

Root mass in any of the three major horizons was an inconsistent predictor of mass in other horizons.We observed
a significant, negative relationship between mean scaled root mass metric values in A and B horizons with low
explanatory power (p = 0.010, adj. r2 = 0.09; Figure 5a) and a significant, positive relationship with more
explanatory power between B and C horizons (p = 0.049, adj. r2 = 0.32; Figure 5b). The relationship for mass
metrics between A and C horizons was not significant (Figure 5c). We observed significant, positive relationships
of presence‐absence root data across all horizon pairings (i.e., A vs. B, B vs. C, and A vs. C horizons; Figures 5d–
5f). Presence‐absence root‐abundance data in A horizons effectively predicted those in B horizons (p < 0.001,
adj. r2 = 0.55) and C horizons (p = 0.038, adj. r2 = 0.17). Presence‐absence root abundance data in B horizons
also were effective predictors of those in C horizons (p = 0.002, adj. r2 = 0.44). Congruent with observed dif-
ferences between scaled root metrics in B and C horizons (Figure 4), the magnitude of discrepancies between
scaled presence‐absence and scaled mass metrics (i.e., values of Rp/m) in B and C horizons was greater than those
in A horizons (note scaling of X‐axes in Figure 6).

3.3. Distinct Drivers at Different Depths Govern Root Presence and Presence‐Mass Discrepancies

Relationships among potential predictor variables in the random forest models, as revealed by Pearson's corre-
lation coefficients for continuous variables and Cramer's V for categorical variables, suggest that AET, NPP and
Landcover were closely related to other variables. Thus, the model best able to highlight variable importance
values for each major horizon includedMAP, MAT, PET, DI, SOC, Clay, DomVeg, Lithology, and SoilFormation
(Table S1 in Supporting Information S1).

Performance of the random forest models in predicting fine and coarse root presence varied among horizons. For
fine root presence, mean pseudo‐R2 values were lowest in A horizons (0.32 ± 0.00; Figure S6 in Supporting
Information S1), where variable importance values suggest that DomVeg was the top predictor (Figure S7 in
Supporting Information S1). In B horizons, mean pseudo‐R2 values were 0.54 ± 0.00 (Figure S6 in Supporting
Information S1) and Lithology was the top predictor (Figure S7 in Supporting Information S1). In C horizons,
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pseudo‐R2 values were 0.50 ± 0.00 (Figure S6 in Supporting Information S1) and SoilFormation was the top
predictor (Figure S7 in Supporting Information S1). Partial dependence plots further illuminate the role of model
predictors. Greater fine root presence was linked with grass, savanna, and woody‐encroached prairie systems in A

Figure 3. Examples of contrasting depth dependencies of root abundance as revealed by different metrics. Fraction of each 1
cm‐thick layer containing fine (<1 mm diam) roots quantified via root presence‐absence approach (left column; see Methods
for details) exhibits declines (top row), no discernible trend (middle row), and increases (bottom row) with depth across
different ecosystems (see Table Sl in Supporting Information S1 for details of each soil pit). Fraction of each 1 cm‐thick layer
revealing coarse (2 ≥ 1 mm diam.) root presence (middle column) reveals contrasting patterns across ecosystems, and with
fine roots within each ecosystem. Bottom row presence‐absence data redrawn from Souza et al. (2023). Total root mass (pink
triangles, right column) contrasts with total root presence (turquoise circles, right column) in many ecosystems (Figure S5),
highlighting greater root‐regolith interfaces than root mass data can imply, particularly in deeper horizons.
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horizons (Figure S8 in Supporting Information S1). In B horizons, the effect of Lithology on fine root presence
was driven by systems underlain with limestone or glacial till (Figure S8 in Supporting Information S1). Soil
formation reflecting mixed colluvium and residuum was linked to fine root presence in C horizons (Figure S8 in
Supporting Information S1).

Figure 4. Violin plots depicting mean (black bars), median (white circles), and relative distributions of the scaled total root
mass metric (pink) and scaled root presence‐absence metric (turquoise) for all A, B, and C horizons in all soil pits assessed.
Statistics refer to significant differences between medians of scaled root mass and presence metrics for the specified
horizons. See text for details of scaled metrics.

Figure 5. Relationships of scaled root mass metric values between A and B, B and C, and A and C horizons (top row) and scaled root presence‐absence metric values
between A and B, B and C, and A and C horizon (bottom row). Points are colored by mean annual precipitation (MAP). Significant relationships are depicted with solid
regression lines.
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Pseudo‐R2 values in A, B, and C horizons for coarse root presence were 0.31± 0.00, 0.51± 0.00, and 0.59± 0.00,
respectively (Figure S9 in Supporting Information S1). Variable importance values suggestDomVegwas the most
robust predictor of coarse root presence in both A and B horizons (Figure S10 in Supporting Information S1).
Lithology was the most robust predictor of coarse root presence in C horizons (Figure S10 in Supporting In-
formation S1). Greater coarse root presence was most strongly associated with conifer vegetation in A horizons,
with woody‐encroached grassland in B horizons, and with limestone‐shale lithology in C horizons (Figure S11 in
Supporting Information S1).

Random forest model ability to predict Rp/m also varied among horizons. Model fit for A horizons generated a
mean pseudo‐R2 of 0.26 ± 0.01 across the 500 bootstrapped runs (Figure S12 in Supporting Information S1).
Mean pseudo‐R2 values in B and C horizons were 0.27 ± 0.00 and 0.27 ± 0.01, respectively (Figure S12 in
Supporting Information S1). Model stability was greatest in B horizons, where the number of observations was
greatest and differences between root presence and mass were greatest (Figure S12 in Supporting Information S1,
Figure 5). Variable importance values suggest that the top predictor of Rp/m in A horizons wasDomVeg (Figure 7).
Especially large increases in this ratio occurred where DomVeg was aspen, woody‐encroached native prairie, and
sagebrush (Figure 8a). In B horizons, the top predictor of Rp/m was MAP, with Rp/m increasing with MAP at a
threshold of ∼1,750 mm y− 1, beyond which Rp/m increased substantially with a smaller threshold at
∼2,800 mm y− 1 (Figure 8b). In the C horizons, the top predictor wasMAT; Rp/m increased substantially withMAT
above an apparent threshold at∼10°C (Figure 8c). There was little overlap between variable importance values of
the top predictor of Rp/m and those of other potential predictors in any horizon.

4. Discussion
Depth distributions of root presence across soil pits located in a diverse array of ecosystems illuminate prolific
root‐regolith interfaces deep within soil profiles (Figure 3, Figure S2). A key outcome of the discrepancies be-
tween depth distributions of root presence and root mass is a clear divergence in interpretation from what often‐
observed root mass declines with depth may imply (Figure 3; Figures S2 and S3). We also demonstrate that root

Figure 6. Mean values of the log10 ratio of scaled presence‐absence root metric to scaled root mass values (Rp/m) for each major horizon designation (A, B, C, reflecting
their respective horizons) in ascending order and colored by mean annual precipitation (MAP). Vertical line indicates equality of scaled root metrics in log space. Values
to the right of the vertical line represent soil pits for which the scaled presence‐absence root metric value exceeds the scaled root mass value. The different number of pits
across the panels (A horizons= 59, B horizons= 64, C horizons= 20) reflects some pits' lack of root mass in some horizons and the lack of C horizons in some pits. Five
pits (WdSummN04D, WS03NFYA, RCEWOC, RCEWYC) are not included in any panel because of their lack of root mass data. See Table Sl in Supporting
Information S1 for pit names and characteristics. Note different X axis scaling across horizons.
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Figure 7. Boxplots of variable importance values ranked in descending order for A (top), B (middle), and C (bottom) horizons derived from horizon‐specific random
forest models predicting the ratio of scaled presence‐absence root metric values to scaled root mass values for A, B, and C horizons of soil pits in a diversity of terrestrial
ecosystems. Predictor variables included mean annual precipitation (MAP), mean annual temperature (MAT), potential evapotranspiration (PET), dryness index (PET
MAP− 1, DI) soil organic C (SOC), clay, dominant vegetation type (Dom Veg), underlying lithology, and soil formation category. Pseudo‐R2 values describing model
fits were 0.13, 0.29, and 0.36 for A, B, and C horizons respectively. See text for details of model construction and results.
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presence in one horizon can be useful for predicting root presence in another
(Figure 5), whereas root mass in a given horizon was an unreliable predictor
of root mass in other horizons. This may be helpful given the laborious
process of quantifying roots deep in the subsurface. Our analyses further
highlight depth dependency of controls on Rp/m, with MAP serving as a key
regulator of Rp/m in B horizons (Figures 6 and 7) and MAT in C horizons
(Figure 7), the two horizons in which root presence and mass indices differed
significantly (Figures 4 and 6). We must be particularly cautious when
interpreting C horizon random forest predictions, given fewer observations
for these horizons. However, if robust, these model results are congruent with
less severe declines in root presence compared to root mass with depth in
warm, mesic climates.

Although coarse root presence did not always track root mass, coarse root
depth distributions appeared qualitatively closer in shape to root mass depth
distributions than those of fine roots (compare Figure S2 middle column with
Figure S3). The depth‐dependent divergence in presence‐absence versus mass
data thus primarily emerges from the generally small mass of deep, fine roots
that can be numerous. Particularly given the growing understanding of
changing rooting depths in the Anthropocene (Hauser et al., 2022), the diverse
patterns across depth of root presence (Figure 9)—especially fine roots—
have implications important to consider for: (a) soil organic C (SOC) pro-
duction, transformations, and persistence; (b) regolith transformations and
formation; (c) water residence time, storage, and fluxes; (d) modeling studies
requiring estimates of root abundance.

4.1. Soil Organic C Production, Transformations and Persistence

Soil organic C accrual in grasslands is linked to mass‐derived abundance of
roots <2 or 4 mm in diameter (with the metric dependent on site; Malhotra
et al., 2025), and indeed we observed in A horizons that grass cover was
linked to increasing presence of roots <1 mm in diameter (Figure S8 in
Supporting Information S1). We must interpret our results with caution given
that we cannot assume our sites are globally representative of their cover type.
However, this observation has value given the link between grass cover and
SOC stocks. In contrast with mass‐derived root data, which are appropriate
for probing contributions of root tissue to SOC stocks, root presence‐absence
data reveal the degree to which root presence throughout soil profiles can
influence SOC dynamics by offering insight about the volume of soil in
contact with or in close proximity to roots. For example, root exudates and
their capacity to promote rhizosphere microbial biomass (Jilling et al., 2021;
Yan et al., 2023) can result in microbial priming and associated SOC losses
(Dijkstra et al., 2020). The common root exudate oxalic acid can free SOC
from mineral protection, promoting its loss (Keiluweit et al., 2015). Coun-
tering these mechanisms of SOC loss, root exudate promotion of microbial
activity also results in greater production of microbial necromass. Evidence is
mounting that microbial necromass contributes to persistent SOC pools
(Kallenbach et al., 2015; Liang et al., 2019; Simpson et al., 2007; Sokol
et al., 2022), perhaps because of its proclivity to promote soil aggregation and
thus SOC physical protection from decay (Jastrow, 1996; Six & Paus-
tian, 2013). Root exudates themselves can also contribute to long‐lasting SOC
pools. For example, organic acids can become immobilized via mineral
adsorption and thus become part of a relatively durable, mineral‐associated
pool of organic matter (Adeleke et al., 2017; Jones et al., 2003). Thus, high
fine root presence relatively deep in soil profiles likely contributes to the

Figure 8. Partial dependence plots revealing how top predictor variables for
A (dominant vegetation type, A), B (mean annual precipitation (MAP), B),
and C (mean annual temperature (MAT), C) horizons influence the ratio of
the scaled presence‐absence root metric values to scaled root mass values
(Rp/m). Plots represent horizon‐specific random forest models predicting
Rp/m from a suite of potential predictor variables for 140 observations in 59
soil pits' A horizons, 241 observations in 64 soil pits' B horizons and 73
observations in 20 soil pits' C horizons in a diversity of terrestrial
ecosystems. The top predictor variables are those which, when their values
are randomly permuted, impose the greatest decline in predictive accuracy of
Rp/m. Predictor variables included MAP, MAT, potential evapotranspiration
(PET), dryness index (PET MAP− 1), soil organic C, clay, dominant
vegetation type, underlying lithology, and soil formation category. See text
for details of model construction.
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apparent durability of deep SOC stocks by generating (exudates) or promoting (necromass) relatively persistent
SOC compounds as well as soil structural characteristics that promote that persistence.

Fine roots play an especially important role in these SOC transactions because it is the specific surface area, not
the mass, of roots that governs their capacity to serve as active players in belowground transactions, and thus in
SOC dynamics. We cannot compute estimates of specific root surface area or specific root length from presence‐
absence data, but greater root presence in B and C horizons than might be inferred from mass depth distributions,
especially for fine roots (Figure 3, Figure S2), suggests high root surface area in those horizons. Robust, positive
correlations between root counts and root length density (Dauer et al., 2009) are consistent with this inference.
The general lack of correspondence between fine root presence and root mass depth distributions contrasts with
the frequently‐matching shape of depth distributions of coarse root presence and root mass; this contrast serves as
a powerful reminder of the potential influence of deep fine roots' low mass but relatively high surface area.
Indeed, the smaller mean decline of root presence from the surface 10 cm to the deepest‐accessible 10 cm (∼39%
decline for total roots, ∼24% for fine roots) than that expressed by total root mass (∼82% decline across similar
depths) suggests a greater capacity of relatively deep, fine roots to serve as agents of the deep SOC processes
described above than root mass estimates might imply. This inference is particularly revealing when considering
how SOC depth distributions at a global scale exhibit less‐steep declines with depth than corresponding changes
in root mass through the top 1 m (Jackson et al., 2000), consistent with global observations of relatively old, deep
SOC (Trumbore, 2009). In addition to the transport of dissolved organic C deep into the subsurface (Kaiser &
Kalbitz, 2012; Moreland et al., 2021), fine root presence likely serves an important role in providing and

Figure 9. Example profiles depicting the contrasting ways in which depth dependence of root abundance can be conveyed.
The pasture, juniper, tropical hardwood, Douglas fir, and native tallgrass prairie systems represented here reflect the range of
root presence depth patterns observed in this study, represented by stylized root fragments drawn throughout the profiles and
by the simplified turquoise lines below the profiles. These patterns ranged from (1) exponential declines (pasture) to (2)
linear declines (juniper) to (3) no trend (tropical hardwood) to (4) linear increases (Douglas fir) to (5) exponential increases
(native tallgrass prairie) with depth. In these example profiles, root presence data exhibited distinct depth patterns compared
to root mass data, approximated by pink triangles and displayed with depth resolutions often available in the literature. Thick
white curves were generated using the β values for exponential declines employed by CLM5 for these plant functional types,
and contrast with both root presence data and root mass data. Note that we cannot know if root data derived from these
exemplar soil pits represent root behavior of these ecosystem types globally, and that in reality we observed large variation in
soil pit depth and soil and bedrock characteristics.
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promoting C‐rich compounds that can become stabilized or that can promote the physical protection of already
extant SOC.

4.2. Deep Soil Nutrient Liberation and Regolith Weathering

More variable shapes of depth distributions of root presence compared to those quantified from root mass offer
additional insight into chemical and physical transformations of the regolith. The acids that roots and microbes
generate create biotic weathering fronts (Brantley et al., 2011, 2014; Drever, 1994; Richter et al., 2007). For
example, a fraction of CO2 from respiration forms carbonic acid, typically considered a relatively weak acid.
However, particularly in soils where CO2 can reach high levels (Hasenmueller et al., 2015; Selker et al., 1999) and
even exceed 7% (Billings et al., 2018; Billings, Brecheisen, et al., 2024; Brecheisen, 2018), carbonic acid can
serve as a powerful weathering agent (Oh & Richter, 2004). Organic acids like citric, tartaric, and oxalic acids,
produced by roots and soil microbes, enhance mineral breakdown and nutrient release, such as potassium and
calcium (Bhattacharjee et al., 2023). Siderophores, also from roots and microbes, mobilize iron by forming
soluble complexes (Ahmed & Holmström, 2014). The depth variability of root presence across ecosystems
revealed here suggests diverse capacities for nutrient release and soil formation at depth, especially near the
regolith‐bedrock interface. Further, the smaller decline with depth in total root presence compared to that of root
mass (39% vs. 82%) and the yet‐sharper contrast between depth declines of fine root presence and root mass (24%
vs. 82%) suggest a deeper biotic weathering engine (Drever, 1994) than is construed from root mass measure-
ments. We must consider that fine roots are underestimated to some extent by our approach, likely to a greater
extent in A horizons. However, combined with the large fraction of soil volume in direct or close contact with
roots (Figure S4), this observation illuminates the volume of soil subjected to weathering reactions initiated by
nearby roots. If the phenomenon of relatively small declines in rooting presence with depth documented in these
pedons is broadly representative of deep root presence globally, these results underscore the vast volumes of soil
deep in the subsurface that also experience such conditions.

Beyond their role in fueling weathering reactions, roots also exert control over soil physical erosion rates and
thereby soil residence times on the landscape. Specifically, the penetration of roots and their corresponding tensile
strength into intact soil profiles reduces erosion rates (Schwarz et al., 2010), whereas root fracture and tree throw
can promote pulsed episodes of erosion through bioturbation (Gabet & Mudd, 2010). These root‐mediated
physical processes combine with root‐fueled weathering reactions to drive net rates of soil production (Ander-
son et al., 2007; Heimsath et al., 1997). The great volumes of relatively deep (i.e., B and C horizons) soil in direct
or very close contact with roots (Figure S4) illuminated by the root presence‐absence approach suggest the extent
to which these root‐imposed physical forces can influence Earth's regolith.

To the extent that deep roots are used for uptake of liberated, mineral‐bound nutrients, diverse patterns in depth
distributions of root presence also suggest variation across ecosystems in vegetation prioritization of deep uptake
of mineral‐bound nutrients, a feature that may vary with the elemental composition deep in the subsurface.
Consistent with this idea, lithology served as the top predictor of B horizon fine root presence (Figure S7 in
Supporting Information S1), with limestone and glacial till promoting fine root presence. Fine root presence may
be promoted especially where minerals are relatively fresh (e.g., glacial till) or easily succumb to weathering (e.g.,
limestone). Indeed, others have observed higher specific root length in systems underlain by glacial till (Meier
et al., 2020), consistent with our observation of glacial till lithology being associated with greater fine root
presence. Biotic transformation of subsurface minerals that liberates nutritive elements fuels the globally
observed phenomenon of nutrient uplift, the transfer of deep, rock‐ and mineral‐bound nutrients into biomass
more concentrated near the soil surface (Alban, 1982; Jobbágy & Jackson, 2004; Kraepiel et al., 2015; Soper
et al., 2018; Sullivan et al., 2019; Switzer & Nelson, 1972). Over millennia this process drives the changing
composition and function of subsurface minerals (Brantley & White, 2009; Brantley et al., 2012). The root‐
presence data reported here hint that vegetation may invest in fine roots where lithology harbors relatively
easily‐weatherable nutrients, but that biotic capacity to liberate and take up nutrients may not vary with depth in
predictable ways. This is particularly true for fine roots, given their more variable depth dependency than coarse
roots and highlights the importance of collaborations across disciplines such as ecophysiology and geochemistry
for probing these questions.
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4.3. Water Residence Times, Storage, and Fluxes

Root mass and presence‐absence data also provide complementary insights for understanding depth distributions
of water residence times, storage, and fluxes. The steep declines in root mass with depth often observed (Jackson
et al., 1996; Schenk & Jackson, 2002) and modeled (Lawrence et al., 2019; Simunek et al., 2016) are consistent
with the idea that water uptake from deep within soil profiles is not a large contributor to ecosystem hydrologic
budgets. Certainly, plants and especially trees can extend their roots to many tens of meters (Stone &
Kalisz, 1991), and intuitively root presence at great depths suggests that some vegetation may use water from
these locations (Y. Fan et al., 2017). This idea is bolstered by observations of deep rock water uptake (Dawson
et al., 2020; Rempe & Dietrich, 2018), with noted functional significance of deep‐water uptake from these lo-
cations linked to vegetation survival during drought (Klos et al., 2017; Kuhnhammer et al., 2023; Nepstad
et al., 1994). Indeed, we observed an increase with depth in the importance ofDI as a predictor of Rp/m, suggesting
that increasing water demand promotes deep root presence (Figure 7).

While there are clear survival benefits of deep root water uptake (Chitra‐Tarak et al., 2021; Kuhnhammer
et al., 2023; McDowell et al., 2019), most vegetation water uptake appears to derive from relatively shallow
depths. This seems particularly true in grassland ecosystems, where 99% of root mass is above 2.4 (tallgrass) or
1.5 m (shortgrass; Zeng, 2001), and ∼83% of root mass occurs in the upper 30 cm (Jackson et al., 1996). In these
grass‐dominated ecosystems, the functional significance of deep roots for water uptake and drought survival may
be muted due to limited hydraulic capacity to move water from deep roots (Nippert et al., 2012). This feature may
be more exaggerated in grasslands due to a greater capacity of grasses to die back and recover compared to trees.
Multiple studies report that deep root water uptake in herbaceous ecosystems does not appear to compose a
meaningful fraction of landscape‐scale evapotranspiration (Kulmatiski, 2024; O’Keefe et al., 2020). Dominance
of shallow water uptake, at least much of the time, may also be a feature in forests. Average water uptake depths of
trees are substantially different from their maximum rooting depths, particularly in drier regions (Bachofen
et al., 2024). Even during drought, in well‐rooted, deep soil layers where moisture is available, root water uptake
can be limited (Markewitz et al., 2010). Thus, though evidence exists that even deep rock moisture can be critical
for survival for some woody plants during times of moisture shortages (Burns et al., 2023), deep root water uptake
may not be a prominent feature of hydrologic budgets for the majority of time in most woody ecosystems. For
both woody and herbaceous systems, steep declines in root mass with depth appear consistent with hydrologic
partitioning of evapotranspiration that suggests most water uptake occurs in relatively shallow depths.

In contrast with root mass data, root presence‐absence data can guide inferences about water fluxes within soil
profiles without estimates of hydrologic partitioning. For example, hydraulic redistribution (HR) is likely more
closely linked to fine root presence in relatively deep horizons than to deep root mass. In environments where
large gradients in soil water potential exist across depths within the soil profile, deep‐rooted species can facilitate
HR (Bleby et al., 2010; Brooks et al., 2002; Domec et al., 2010; Horton & Hart, 1998; Lee et al., 2005). The
occurrence of HR varies by species and ecosystem types, but requires functional deep roots that can move water
from depth to other portions of the soil profile. Our mechanistic understanding of HR presumes root functionality
that can anatomically regulate reverse flow (from root to soil) down water‐potential gradients (Burgess
et al., 1998; Neumann & Cardon, 2012). An understudied aspect of this process is the role of fine versus coarse
roots at deeper depths to facilitate HR, but the increased specific surface area and smaller conduit diameter of fine
relative to coarse roots may facilitate uptake by permitting exploration of greater soil volumes and reducing
hydraulic conductivity in vessels. This, in turn, may lead to greater total volumes of water redistributed to shallow
soil layers.

Root presence, and less so mass, also plays a fundamental role in shaping soil structure and pore distributions in
the subsurface. These physical attributes of a soil profile govern the depths to which infiltrating water recharges
the subsurface, the volumes of water that can be stored, and its residence time in the soil profile (Sullivan
et al., 2024). For example, dendritic tubular pores have long been recorded during soil profile descriptions and are
assumed to result from root growth (Soil Survey Staff, 2022b); some of these pores can be many centimeters in
diameter due to coarse root propagation. Such pores decrease in abundance in locations where roots are removed
and appear to re‐emerge when roots regenerate (Guthrie et al., 2025). Roots also indirectly affect soil structure by
their release of organic material, a phenomenon linked especially to fine roots. Their exudates, along with the
microbial necromass that results from the microbial activity, promote soil particles binding together, stabilizing
aggregates (Attou et al., 1998; Le Bissonnais, 1996; Oades, 1984; Singer et al., 1992). This aggregation can
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enhance permeability (Denef et al., 2002). Conversely, root growth can obstruct existing pores and break down
macroaggregates, reducing permeability. Despite this possibility, roots generally enhance porosity and facilitate
water flow rather than restrict it (Sullivan et al., 2022).

Even minor increases in soil macroporosity, such as might be expected with fine root proliferation, can signif-
icantly increase saturated hydraulic conductivity (Eck et al., 2016; J. Lu et al., 2020), while water flow along the
soil‐root boundary can enhance preferential flow to depth (e.g., funnel flow; Johnson & Lehmann, 2006).
Through either the creation of biopores or preferential flow paths, these root‐generated pores can support the
transport of dissolved organic C to depth (Angers & Caron, 1998; Bogner et al., 2010; Chen et al., 1997; Kaiser &
Kalbitz, 2012; Lucas et al., 2019; Moreland et al., 2021; Zhang et al., 2015), which can prime microbial activity
and influence aggregation processes. That Rp/m was particularly great in B horizons whereMAP is relatively high
suggests the enhanced porosity linked to root proliferation is especially beneficial to vegetation in high rainfall
environments; enhanced values of Rp/m in C horizons where MAT is relatively high hints that any such benefits
may be especially beneficial in warmer environments, where evaporative demand can be great. This idea is
consistent with observations of greater porosity and water flow and greater soil drying at deeper depths where
deep root abundance increased in a woody‐encroached grassland (Jarecke et al., 2024, 2025). By evaluating root
presence‐absence data, we can begin to unlock the degree to which the entire soil volume is impacted by the
ability of roots to sculpt the subsurface. Further, we can explore the ways different horizons within the soil volume
interact in functionally different ways with fine and coarse roots, and how both of these categories of processes
alter depth distributions of water fluxes and biogeochemical processes. The means by which deep roots can
influence water storage and fluxes, then, may not be dominated by quantitative uptake but rather by the ways in
which deep roots can modify water redistribution within soil profiles and hydrologic flowpaths.

4.4. Implications of Root Presence Depth Distributions for Modeling

Root presence‐absence data suggest that models relying on root mass depth distributions to depict interactions
between plants and the subsurface may underestimate the vertical extent of biologically and chemically active soil
volumes. Root traits, particularly depth and presence, represent key axes of variability in subsurface biogeo-
chemical processes, with implications for long‐term soil development, nutrient cycling, and ecosystem responses
to climate and land‐use change (Brantley et al., 2017; Hauser et al., 2023; Newman et al., 2020). Developing a
more integrated, depth‐resolved understanding of root distributions and their functional consequences, particu-
larly through coordinated cross‐site studies, will be critical for improving how reactive transport models and
ESMs represent critical zone processes and project ecosystem responses to environmental change.

Catchment‐scale reactive transport modeling efforts (Kerins et al., 2024; Stewart & Li, 2025) indicate that
subsurface respiration may occur at greater depths and at higher rates than traditionally assumed. If so, such
results support the idea that fine roots affect a greater soil volume deep in the subsurface than often inferred from
root mass measurements to play an important role in biogeochemical processes. Because depth distributions of
root presence can regulate water routing and biogeochemical reactions such as SOC transformations and chemical
weathering, root presence also shapes water residence times and mineral‐water contact. Reactive transport models
aptly demonstrate that these hydrologic processes are inseparable from root‐mediated C processes. For example,
the deepening roots that accompany woody‐encroached grasslands can enhance vertical water fluxes (Jarecke
et al., 2024) which, in turn, can promote transport of CO2 produced in shallow soils to greater depths and promote
weathering deep in the subsurface (Wen et al., 2021). In this way, roots exert a dual influence, both elevating CO2
concentrations through respiration and delivering CO2‐rich water to the weathering front that amplifies chemical
weathering rates (Anhold et al., 2025), particularly in carbonate terrain (Wen et al., 2021). In contrast with
relatively deep roots, soils supporting dense, shallow root networks often promote lateral flow and shallow export
of dissolved C while shortening residence time and reducing C mineralization in deeper layers (Wen et al., 2022;
Xiao et al., 2021). These findings highlight the central role of the depth distribution of roots in governing not only
the production of biogenic CO2 but also the pathways and magnitude of C and solute transport through the critical
zone that reactive transport models represent.

At a larger scale, the implications of our findings are of particular relevance to land models within ESMs like
CLM5, given that these models include increasingly sophisticated representations of nutrient cycling, land use
change and management, and lateral water flow in the subsurface (R. A. Fisher & Koven, 2020; Swenson
et al., 2019). In recent years, for example, CLM5 has been equipped with dynamic, vertically resolved C and N
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pools in live and dead coarse roots (Koven et al., 2013), a plant hydraulic stress representation that can explicitly
represent HR based on simulated gradients of water potential along the soil‐root‐plant‐atmosphere continuum
(Kennedy et al., 2019), and fixation and uptake of nitrogen (N) that depends explicitly on the root C density
(Brzostek et al., 2014; J. B. Fisher et al., 2010; Shi et al., 2016). At the heart of all these processes lies the assumed
exponential vertical distribution of root biomass (Jackson et al., 1996) that is used to allocate root C vertically and
distribute water uptake and HR (Figure 9). Although these advances have greatly improved the sophistication of
water and nutrient dynamics in the subsurface (Knox et al., 2024; B. Wang et al., 2023), there remains a
fundamental constraint on the vertical dynamics of those processes inherent to the assumptions (a) of an expo-
nential distribution of root mass (which this study demonstrates is not always true for a given location; Figure 9),
and (b) that the vertical distribution of root mass (and not root specific surface area) controls vertical partitioning
of C, N, and water fluxes across the soil‐root interface. As currently developed, ESM projections of land‐
atmosphere exchange of water, C, and energy thus cannot capture the influence of deep, fine‐root contribu-
tions to SOC‐stabilizing processes, their transport of water from deeper horizons to near‐surface depths, or their
influence on soil structural attributes that dynamically respond to environmental conditions and root growth and
decay. These ideas suggest that ESMsmay benefit from embracing the idea of greater nuance between the vertical
distributions of fine and coarse roots and their corresponding roles within these models (beyond their respective
designations as high‐ and low‐turnover pools of C and N) and moving toward representations of roots that are
ecosystem‐varying and dynamic with depth.

5. Conclusions
We demonstrate that biogeochemical and reactive transport processes deep in the subsurface in many ecosystems
result from a greater volume of soil in direct or close contact with roots and more numerous root‐regolith in-
terfaces than root mass data may otherwise suggest. These data thus shine a spotlight on the importance of the
biotic front as it advances, or retreats, throughout the regolith with varying environmental conditions. At a global
scale, changes in root mass‐derived rooting depth distributions due to climate and land use change (Hauser
et al., 2022) add to uncertainties in projections of vegetation's influence on belowground C, nutrient, and water
storage and fluxes. Our work elucidates another source of uncertainty by emphasizing that root mass, while useful
for quantifying belowground plant tissue stocks and other plant‐centered processes, may not provide the insights
needed to understand how soil is transformed by the vegetation it supports across diverse timescales (Figure 1).
Instead, we suggest a greater focus on quantifying root‐regolith interfaces in a diversity of ecosystems, partic-
ularly at depth, to better characterize the volume of regolith in close proximity to roots, which contrasts with
assumptions in current ESM efforts (Figure 9). These efforts would be especially valuable in regions not rep-
resented in this study, while further work conducted in the ecosystems represented here could help unveil any
ecosystem‐specific patterns. Fine roots, whose presence is typically underestimated by mass‐based approaches,
deserve special scrutiny given their status as key biogeochemical agents. The lack of consistent functional form in
depth distributions of fine roots renders the use of deterministic functions to describe them difficult. However, our
work represents a step forward for discerning patterns in depth distributions of root‐regolith interfaces across
biomes, land uses, and soil and plant functional types that will be useful for modelers attempting to project critical
zone functioning on a changing planet.

Conflict of Interest
The authors declare no conflicts of interest relevant to this study.

Data Availability Statement
The root presence, root mass, and environmental data used for this study (Billings et al., 2025) are available at
https://zenodo.org/records/17663627, as are the R scripts that process, plot, and analyze the data.

References
Adeleke, R., Nwangburuka, C., & Oboirien, B. (2017). Origins, roles and fate of organic acids in soils: A review. South African Journal of Botany,

108, 393–406. https://doi.org/10.1016/j.sajb.2016.09.002
Ahmed, E., & Holmström, S. J. M. (2014). Siderophores in environmental research: Roles and applications.Microbial Biotechnology, 7(3), 196–
208. https://doi.org/10.1111/1751‐7915.12117

Alban, D. H. (1982). Effects of nutrient accumulation by aspen, spruce, and pine on soil properties. Soil Science Society of America Journal, 46(4),
853–861. https://doi.org/10.2136/sssaj1982.03615995004600040037x

Acknowledgments
We appreciate assistance with field work
from Vaughn Salisbury, Jon Bothoff, Mark
Swenson, Ariel Mollhagen, Cheryl Lemai,
Xi Zhang, Keira Johnson, Xander Takver,
and Adam Wymore, and the laboratory
assistance of Michael Mackenzie, Percy
Macek, Kyler Lang, Cheyenne Kirkwood,
Ayo Okosun, Rachel Rellihan, Morgan
Salisbury, Lauryn Ritter, Lazlo Mardis,
Geoff Logan, Gisela Gonzales, Adrianne
Seiden, Lydia Cheung, Reece Gregory,
and Jessica Rickenbach. The help of John
Warner at the USDA NRCS was
invaluable for soil pit excavation and soil
characterization in Kansas. Lance
Brewington and Theresa Kunch of the
NRCS and Jason Windingstad, Victoria
Moreno, and Alyssa Duro provided
additional soil characterizations. This work
was funded by multiple grants from the
National Science Foundation: 2121639
and 2012633 (SB), 2121694 (PS), 2121621
(LL), 2121760 (DH and HA), 2121652
(JN), 2121595 (AF), 2121659 (KS),
2012878 (EA, JC, RG, KL, WS, SH), and
20122403 (WM). We also were supported
by USDA‐NIFA 2021‐67019‐34340 (AF),
the Italian National Biodiversity Future
Center National Recovery and Resilience
Plan funded by the European Union
NextGenerationEU project CN00000033
(IB) and the Belmont Forum ABRESO
project funded by NSF ICER
2129402 (TW).

AGU Advances 10.1029/2025AV002072

BILLINGS ET AL. 19 of 24

 2576604x, 2025, 6, D
ow

nloaded from
 https://agupubs.onlinelibrary.w

iley.com
/doi/10.1029/2025A

V
002072 by K

ansas State U
niversity, W

iley O
nline L

ibrary on [14/01/2026]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://zenodo.org/records/17663627
https://doi.org/10.1016/j.sajb.2016.09.002
https://doi.org/10.1111/1751-7915.12117
https://doi.org/10.2136/sssaj1982.03615995004600040037x


Anderson, S. P., von Blanckenburg, F., & White, A. F. (2007). Physical and chemical controls on the critical zone. Elements, 3(5), 315–319.
https://doi.org/10.2113/gselements.3.5.315

Angers, D. A., & Caron, J. (1998). Plant‐induced changes in soil structure: Processes and feedbacks. Biogeochemistry, 42(1–2), 55–72. https://doi.
org/10.1023/A:1005944025343

Anhold, C., Hatley, C., Alcantar‐Velasquez, E., Keen, R. M., Sadayappan, K., Jarecke, K. M., et al. (2025). Grassland woody encroachment alters
subsurface mineral weathering and groundwater composition in a carbonate system.Chemical Geology, 673, 122522. https://doi.org/10.1016/j.
chemgeo.2024.122522

Asbjornsen, H., Mora, G., & Helmers, M. J. (2007). Variation in water uptake dynamics among contrasting agricultural and native plant com-
munities in the Midwestern US. Agriculture, Ecosystems & Environment, 121(4), 343–356. https://doi.org/10.1016/j.agee.2006.11.009

Attou, F., Bruand, A., & Le Bissonnais, Y. (1998). Effect of clay content and silt‐clay fabric on stability of artificial aggregates. European Journal
of Soil Science, 49(4), 569–577. https://doi.org/10.1046/j.1365‐2389.1998.4940569.x

Bachofen, C., Tumber‐Dávila, S. J., Mackay, D. S., McDowell, N. G., Carminati, A., Klein, T., et al. (2024). Tree water uptake patterns across the
globe. New Phytologist, 242(5), 1891–1910. https://doi.org/10.1111/nph.19762

Bardgett, R. D., Mommer, L., & De Vries, F. T. (2014). Going underground: Root traits as drivers of ecosystem processes. Trends in Ecology &
Evolution, 29(12), 692–699. https://doi.org/10.1016/j.tree.2014.10.006

Barley, K. P. (1953). The root growth of irrigated perennial pastures and its effect on soil structure. Australian Journal of Agricultural Research,
4(3), 283–291. https://doi.org/10.1071/AR9530283

Bhattacharjee, A., Velickovic, D., Richardson, J. A., Couvillion, S. P., Vandergrift, G. W., Qafoku, O., et al. (2023). Fungal organic acid uptake of
mineral derived K is dependent on distance from carbon hotspot. bioRxiv. https://doi.org/10.1101/2023.03.17.533228

Billings, S. A., Brecheisen, Z., Cherkinsky, A., Lehmeier, C., Cook, C. W., Markewitz, D., et al. (2024). Persistent biogeochemical signals of land
use‐driven, deep root losses illuminated by C and O isotopes of soil CO2 and O2. Biogeochemistry, 167(12), 1469–1489. https://doi.org/10.
1007/s10533‐024‐01177‐5

Billings, S. A., Hirmas, D., Sullivan, P. L., Lehmeier, C. A., Bagchi, S., Min, K., et al. (2018). Loss of deep roots limits biogenic agents of soil
development that are only partially restored by decades of forest regeneration. Elementa: Science of the Anthropocene, 6, 34. https://doi.org/10.
1525/elementa.287

Billings, S. A., Sullivan, P. L., Hirmas, D., Nippert, J. B., Richter, D. D., Brecheisen, Z., et al. (2024). The CZ as an ecological problem: How the
interplay of biotic and abiotic actors determines the functioning of Earth’s living skin. In T. White & A. Provenzale (Eds.), Critical zone and
ecosystem dynamics. Springer Nature.

Billings, S. A., Sullivan, P. L., Li, L., Hirmas, D., Nippert, J., Ajami, H., et al. (2025). Root data for cross‐biome root presence analyses and
associated R scripts [Dataset]. Zenodo. https://doi.org/10.5281/zenodo.16995489

Bleby, T. M., McElrone, A. J., & Jackson, R. B. (2010). Water uptake and hydraulic redistribution across large woody root systems to 20 m depth.
Plant, Cell and Environment, 33(12), 2132–2148. https://doi.org/10.1111/j.1365‐3040.2010.02212.x

Bogner, C., Gaul, D., Kolb, A., Schmiedinger, I., & Huwe, B. (2010). Investigating flow mechanisms in a forest soil by mixed‐effects modelling.
European Journal of Soil Science, 61(6), 1079–1090. https://doi.org/10.1111/j.1365‐2389.2010.01300.x

Brantley, S. L., Buss, H., Lebedeva, M., Fletcher, R. C., & Ma, L. (2011). Investigating the complex interface where bedrock transforms to
regolith. Applied Geochemistry, 26, S12–S15. https://doi.org/10.1016/j.apgeochem.2011.03.017

Brantley, S. L., Eissenstat, D. M., Marshall, J. A., Godsey, S. E., Balough‐Brunstad, Z., Karwan, D. L., et al. (2017). Reviews and syntheses: On
the roles trees play in building and plumbing the critical zone. Biogeosciences, 14(22), 5115–5142. https://doi.org/10.5194/bg‐14‐5115‐2017

Brantley, S. L., Lebedeva, M., & Bazilevskaya, E. (2014). Relating weathering fronts for acid neutralization and oxidation to pCO2 and pO2. In
H. D. Holland & K. K. Turekian (Eds.), Treatise on geochemistry (2nd ed., pp. 347–378). Elsevier. https://doi.org/10.1016/B978‐0‐08‐095975‐
7.01317‐6

Brantley, S. L., Lebedeva, M., & Hausrath, E. M. (2012). A geobiological view of weathering and erosion. In A. H. Knoll, D. E. Canfield, & K. O.
Konhauser (Eds.), Fundamentals of geobiology (pp. 205–227). Blackwell.

Brantley, S. L., & White, A. F. (2009). Approaches to modeling weathered regolith. Reviews in Mineralogy and Geochemistry, 70(1), 435–484.
https://doi.org/10.2138/rmg.2009.70.10

Brecheisen, Z. S. (2018).Macro to micro legacies of landuse at the Calhoun Critical Zone Observatory (Doctoral dissertation). Duke University.
Breiman, L. (2001). Random forests. Machine Learning, 45(1), 5–32. https://doi.org/10.1023/A:1010933404324
Brooks, J. R., Meinzer, F. C., Coulombe, R. O. B., & Gregg, J. (2002). Hydraulic redistribution of soil water during summer drought in two
contrasting Pacific Northwest coniferous forests. Tree Physiology, 22(15–16), 1107–1117. https://doi.org/10.1093/treephys/22.15‐16.1107

Brzostek, E. R., Fisher, J. B., & Phillips, R. P. (2014). Modeling the carbon cost of plant nitrogen acquisition: Mycorrhizal trade‐offs and multipath
resistance uptake improve predictions of retranslocation. Journal of Geophysical Research: Biogeosciences, 119(8), 1684–1697. https://doi.
org/10.1002/2014JG002660

Burgess, S. S., Adams, M. A., Turner, N. C., & Ong, C. K. (1998). The redistribution of soil water by tree root systems. Oecologia, 115(3), 306–
311. https://doi.org/10.1007/s004420050521

Burns, E. F., Rempe, D. M., Parsekian, A. D., Schmidt, L. M., Singha, K., & Barnard, H. R. (2023). Ecohydrologic dynamics of rock moisture in a
montane catchment of the Colorado front range. Water Resources Research, 59(6), e2022WR034117. https://doi.org/10.1029/2022wr034117

Callesen, I., Harrison, R., Stupak, I., Hatten, J., Raulund‐Rasmussen, K., Boyle, J., et al. (2016). Carbon storage and nutrient mobilization from
soil minerals by deep roots and rhizosphere. Forest Ecology and Management, 359, 322–331. https://doi.org/10.1016/j.foreco.2015.08.019

Chen, S., Franklin, R. E., & Johnson, A. D. (1997). Clay film effects on ion transport in soil. Soil Science, 162(2), 91–96. https://doi.org/10.1097/
00010694‐199702000‐00002

Chitra‐Tarak, R., Xu, C., Aguilar, A., Anderson‐Teixeira, K. J., Chambers, J., Detto, M., et al. (2021). Hydraulically‐vulnerable trees survive on
deep‐water access during droughts in a tropical forest. New Phytologist, 231(5), 1798–1813. https://doi.org/10.1111/nph.17464

Clark, L. J., Whalley, W. R., & Barraclough, P. B. (2003). How do roots penetrate strong soil? Plant and Soil, 255(1), 93–104. https://doi.org/10.
1023/A:1026140122848

Cochavi, A., Cohen, I. H., & Rachmilevitch, S. (2020). The role of different root orders in nutrient uptake. Environmental and Experimental
Botany, 179, 104212. https://doi.org/10.1016/j.envexpbot.2020.104212

Dauer, J. M., Chorover, J., Chadwick, O. A., Oleksyn, J., Tjoelker, M. G., Hobbie, S. E., et al. (2007). Controls over leaf and litter calcium
concentrations among temperate trees. Biogeochemistry, 86(2), 175–187. https://doi.org/10.1007/s10533‐007‐9153‐8

Dauer, J. M., Withington, J. M., Oleksyn, J., Chorover, J., Chadwick, O. A., Reich, P. B., & Eissenstat, D. M. (2009). A scanner‐based approach to
soil profile‐wall mapping of root distribution. Dendrobiology, 62, 35–40.

Dawson, T. E., Hahm, W. J., & Crutchfield‐Peters, K. (2020). Digging deeper: What the critical zone perspective adds to the study of plant
ecophysiology. New Phytologist, 228(3), 652–665. https://doi.org/10.1111/nph.16410

AGU Advances 10.1029/2025AV002072

BILLINGS ET AL. 20 of 24

 2576604x, 2025, 6, D
ow

nloaded from
 https://agupubs.onlinelibrary.w

iley.com
/doi/10.1029/2025A

V
002072 by K

ansas State U
niversity, W

iley O
nline L

ibrary on [14/01/2026]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://doi.org/10.2113/gselements.3.5.315
https://doi.org/10.1023/A:1005944025343
https://doi.org/10.1023/A:1005944025343
https://doi.org/10.1016/j.chemgeo.2024.122522
https://doi.org/10.1016/j.chemgeo.2024.122522
https://doi.org/10.1016/j.agee.2006.11.009
https://doi.org/10.1046/j.1365-2389.1998.4940569.x
https://doi.org/10.1111/nph.19762
https://doi.org/10.1016/j.tree.2014.10.006
https://doi.org/10.1071/AR9530283
https://doi.org/10.1101/2023.03.17.533228
https://doi.org/10.1007/s10533-024-01177-5
https://doi.org/10.1007/s10533-024-01177-5
https://doi.org/10.1525/elementa.287
https://doi.org/10.1525/elementa.287
https://doi.org/10.5281/zenodo.16995489
https://doi.org/10.1111/j.1365-3040.2010.02212.x
https://doi.org/10.1111/j.1365-2389.2010.01300.x
https://doi.org/10.1016/j.apgeochem.2011.03.017
https://doi.org/10.5194/bg-14-5115-2017
https://doi.org/10.1016/B978-0-08-095975-7.01317-6
https://doi.org/10.1016/B978-0-08-095975-7.01317-6
https://doi.org/10.2138/rmg.2009.70.10
https://doi.org/10.1023/A:1010933404324
https://doi.org/10.1093/treephys/22.15-16.1107
https://doi.org/10.1002/2014JG002660
https://doi.org/10.1002/2014JG002660
https://doi.org/10.1007/s004420050521
https://doi.org/10.1029/2022wr034117
https://doi.org/10.1016/j.foreco.2015.08.019
https://doi.org/10.1097/00010694-199702000-00002
https://doi.org/10.1097/00010694-199702000-00002
https://doi.org/10.1111/nph.17464
https://doi.org/10.1023/A:1026140122848
https://doi.org/10.1023/A:1026140122848
https://doi.org/10.1016/j.envexpbot.2020.104212
https://doi.org/10.1007/s10533-007-9153-8
https://doi.org/10.1111/nph.16410


Denef, K., Six, J., Merckx, R., & Paustian, K. (2002). Short‐term effects of biological and physical forces on aggregate formation in soils with
different clay mineralogy. Plant and Soil, 246(2), 185–200. https://doi.org/10.1023/A:1020668013524

Dietzel, R., Liebman, M., & Archontoulis, S. (2017). A deeper look at the relationship between root carbon pools and the vertical distribution of
the soil carbon pool. Soil, 3, 139–152. https://doi.org/10.5194/soil‐3‐139‐2017

Dijkstra, F. A., Zhu, B., & Chang, W. (2020). Root effects on soil organic carbon: A double‐edged sword. New Phytologist, 230(1), 60–65. https://
doi.org/10.1111/nph.17082

Domec, J. C., King, J. S., Noormets, A., Treasure, E., Gavazzi, M. J., Sun, G., & McNulty, S. G. (2010). Hydraulic redistribution of soil water by
roots affects whole‐stand evapotranspiration and net ecosystem carbon exchange. New Phytologist, 187(1), 171–183. https://doi.org/10.1111/j.
1469‐8137.2010.03245.x

Drever, J. I. (1994). The effect of land plants on weathering rates of silicate minerals. Geochimica et Cosmochimica Acta, 57(10), 2325–2332.
https://doi.org/10.1016/0016‐7037(94)90013‐2

Eck, D. V., Qin, M., Hirmas, D. R., Gimenez, D., & Brunsell, N. A. (2016). Relating quantitative soil structure metrics to saturated hydraulic
conductivity. Vadose Zone Journal, 15(1), 1–11. https://doi.org/10.2136/vzj2015.05.0083

Eissenstat, D. M. (1991). On the relationship between specific root length and the rate of root proliferation: A field study using citrus rootstocks.
New Phytologist, 118(1), 63–68. https://doi.org/10.1111/j.1469‐8137.1991.tb00565.x

Fan, J., McConkey, B., Wang, H., & Janzen, H. (2016). Root distribution by depth for temperate agricultural crops. Field Crops Research, 189,
68–74. https://doi.org/10.1016/j.fcr.2016.02.013

Fan, Y., Miguez‐Macho, G., Jobbágy, E. G., Jackson, R. B., & Otero‐Casal, C. (2017). Hydrologic regulation of plant rooting depth. Proceedings
of the National Academy of Sciences, 114(40), 10572–10577. https://doi.org/10.1073/pnas.1712381114

Fisher, J. B., Sitch, S., Malhi, Y., Fisher, R. A., Huntingford, C., & Tan, S.‐Y. (2010). Carbon cost of plant nitrogen acquisition: A mechanistic,
globally applicable model of plant nitrogen uptake, retranslocation, and fixation. Global Biogeochemical Cycles, 24(1), GB1014. https://doi.
org/10.1029/2009GB003621

Fisher, R. A., & Koven, C. D. (2020). Perspectives on the future of land surface models and the challenges of representing complex terrestrial
systems. Journal of Advances in Modeling Earth Systems, 12(4), e2018MS001453. https://doi.org/10.1029/2018MS001453

Freschet, G. T., Pagès, L., Iversen, C. M., Comas, L. H., Rewald, B., Roumet, C., et al. (2021). A starting guide to root ecology: Strengthening
ecological concepts and standardising root classification, sampling, processing and trait measurements. New Phytologist, 232(3), 973–1122.
https://doi.org/10.1111/nph.17572

Gabet, E. J., & Mudd, S. M. (2010). Bedrock erosion by root fracture and tree throw: A coupled biogeomorphic model to explore the humped soil
production function and the persistence of hillslope soils. Journal of Geophysical Research, 115(F4), F04005. https://doi.org/10.1029/
2009JF001526

Gregory, P. J. (2006). Roots, rhizosphere and soil: The route to a better understanding of soil science? European Journal of Soil Science, 57(1), 2–
12. https://doi.org/10.1111/j.1365‐2389.2005.00778.x

Guerrero‐Ramírez, N. R., Mommer, L., Freschet, G. T., Iversen, C. M., McCormack, M. L., Kattge, J., et al. (2021). Global root traits (GRooT)
database. Global Ecology and Biogeography, 30(1), 25–37. https://doi.org/10.1111/geb.13179

Guthrie, A., Hirmas, D., Sullivan, P. L., Li, L., Ajami, H., Singha, K., et al. (2025). Deep root loss and regeneration in the Anthropocene drive
continental‐scale changes in deep soil structure. Earth's Future, 13(9), e2025EF006326. https://doi.org/10.1029/2025EF006326

Guyonnet, J. P., Cantarel, A. A. M., Simon, L., & Haichar, F. Z. (2018). Root exudation rate as functional trait involved in plant nutrient‐use
strategy classification. Ecology and Evolution, 8(16), 8573–8581. https://doi.org/10.1002/ece3.4383

Hasenmueller, E. A., Jin, L., Stinchcomb, G. E., Lin, H., Brantley, S. L., & Kaye, J. P. (2015). Topographic controls on the depth distribution of
soil CO2 in a small temperate watershed. Applied Geochemistry, 63, 58–69. https://doi.org/10.1016/j.apgeochem.2015.07.005

Hauser, E., Chorover, J., Cook, C. W., Markewitz, D., Rasmussen, C., Richter, D. D., & Billings, S. A. (2023). Integrating decadal and century‐
scale root development with longer‐term soil development to understand terrestrial nutrient cycling. Geoderma, 435, 116520. https://doi.org/
10.1016/j.geoderma.2023.116520

Hauser, E., Richter, D. D., Markewitz, D., Brecheisen, Z., & Billings, S. A. (2020). Persistent anthropogenic legacies structure depth dependence
of regenerating rooting systems and their functions. Biogeochemistry, 147(3), 259–275. https://doi.org/10.1007/s10533‐020‐00641‐2

Hauser, E., Sullivan, P. L., Flores, A. N., Hirmas, D., & Billings, S. A. (2022). Global‐scale shifts in rooting depths due to Anthropocene land
cover changes pose unexamined consequences for critical zone functioning. Earth's Future, 10(11), e2022EF002897. https://doi.org/10.1029/
2022EF002897

Heimsath, A. M., Dietrich, W. E., Nishiizumi, K., & Finkel, R. C. (1997). The soil production function and landscape equilibrium. Nature,
388(6640), 358–361. https://doi.org/10.1038/41056

Hinsinger, P., Bengough, A. G., Vetterlein, D., & Young, I. M. (2009). Rhizosphere: Biophysics, biogeochemistry and ecological relevance. Plant
and Soil, 321(1), 117–152. https://doi.org/10.1007/s11104‐008‐9885‐9

Horton, J. L., & Hart, S. C. (1998). Hydraulic lift: A potentially important ecosystem process. Trends in Ecology & Evolution, 13(6), 232–235.
https://doi.org/10.1016/S0169‐5347(98)01328‐7

Hothorn, T., Bühlmann, P., Dudoit, S., Molinaro, A., & Van Der Laan, M. (2006). Survival ensembles. Biostatistics, 7(3), 355–373. https://doi.
org/10.1093/biostatistics/kxj011

Hothorn, T., Hornik, K., & Zeileis, A. (2006). Unbiased recursive partitioning: A conditional inference framework. Journal of Computational &
Graphical Statistics, 15(3), 651–674. https://doi.org/10.1198/106186006X133933

Hothorn, T., Hornik, K., & Zeileis, A. (2008). Unbiased recursive partitioning: A conditional inference framework. Journal of Computational &
Graphical Statistics, 15(3), 651–674. https://doi.org/10.1198/106186006x133933

Hou, J., McCormack, M. L., Reich, P. B., Sun, T., Phillips, R. P., Lambers, H., et al. (2024). Linking fine root lifespan to root chemical and
morphological traits – A global analysis. Proceedings of the National Academy of Sciences, 121(16), e2320623121. https://doi.org/10.1073/pna
s.2320623121

Huber, P. J. (1967). The behavior of maximum likelihood estimates under nonstandard conditions. Proceedings of the Fifth Berkeley Symposium
on Mathematical Statistics and Probability, 5, 221–233.

Jackson, R. B., Canadell, J., Ehleringer, J. R., Mooney, H. A., Sala, O. E., & Schulze, E. D. (1996). A global analysis of root distributions for
terrestrial biomes. Oecologia, 108(3), 389–411. https://doi.org/10.1007/BF00333714

Jackson, R. B., Mooney, H. A., & Schulze, E. D. (1997). A global budget for fine root biomass, surface area, and nutrient contents. Proceedings of
the National Academy of Sciences, 94(14), 7362–7366. https://doi.org/10.1073/pnas.94.14.7362

Jackson, R. B., Schenk, H. J., Jobbagy, E. G., Canadell, J., Colello, G. D., Dickinson, R. E., et al. (2000). Belowground consequences of vegetation
change and their treatment in models. Ecological Applications, 10(2), 470–483. https://doi.org/10.1890/1051‐0761(2000)010[0470:bcovca]2.
0.co;2

AGU Advances 10.1029/2025AV002072

BILLINGS ET AL. 21 of 24

 2576604x, 2025, 6, D
ow

nloaded from
 https://agupubs.onlinelibrary.w

iley.com
/doi/10.1029/2025A

V
002072 by K

ansas State U
niversity, W

iley O
nline L

ibrary on [14/01/2026]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://doi.org/10.1023/A:1020668013524
https://doi.org/10.5194/soil-3-139-2017
https://doi.org/10.1111/nph.17082
https://doi.org/10.1111/nph.17082
https://doi.org/10.1111/j.1469-8137.2010.03245.x
https://doi.org/10.1111/j.1469-8137.2010.03245.x
https://doi.org/10.1016/0016-7037(94)90013-2
https://doi.org/10.2136/vzj2015.05.0083
https://doi.org/10.1111/j.1469-8137.1991.tb00565.x
https://doi.org/10.1016/j.fcr.2016.02.013
https://doi.org/10.1073/pnas.1712381114
https://doi.org/10.1029/2009GB003621
https://doi.org/10.1029/2009GB003621
https://doi.org/10.1029/2018MS001453
https://doi.org/10.1111/nph.17572
https://doi.org/10.1029/2009JF001526
https://doi.org/10.1029/2009JF001526
https://doi.org/10.1111/j.1365-2389.2005.00778.x
https://doi.org/10.1111/geb.13179
https://doi.org/10.1029/2025EF006326
https://doi.org/10.1002/ece3.4383
https://doi.org/10.1016/j.apgeochem.2015.07.005
https://doi.org/10.1016/j.geoderma.2023.116520
https://doi.org/10.1016/j.geoderma.2023.116520
https://doi.org/10.1007/s10533-020-00641-2
https://doi.org/10.1029/2022EF002897
https://doi.org/10.1029/2022EF002897
https://doi.org/10.1038/41056
https://doi.org/10.1007/s11104-008-9885-9
https://doi.org/10.1016/S0169-5347(98)01328-7
https://doi.org/10.1093/biostatistics/kxj011
https://doi.org/10.1093/biostatistics/kxj011
https://doi.org/10.1198/106186006X133933
https://doi.org/10.1198/106186006x133933
https://doi.org/10.1073/pnas.2320623121
https://doi.org/10.1073/pnas.2320623121
https://doi.org/10.1007/BF00333714
https://doi.org/10.1073/pnas.94.14.7362
https://doi.org/10.1890/1051-0761(2000)010%5B0470:bcovca%5D2.0.co;2
https://doi.org/10.1890/1051-0761(2000)010%5B0470:bcovca%5D2.0.co;2


Jarecke, K. M., Keen, R., Singha, K., Nippert, J. B., Billings, S. A., Sadayappan, K., et al. (2025). Woody encroachment intensifies deep soil
drying at daily, seasonal, and decadal scales. Ecosystems, 28(6), 64. https://doi.org/10.1007/s10021‐025‐01008‐0

Jarecke, K. M., Zhang, X., Keen, R. M., Dumont, M., Li, B., Sadayappan, K., et al. (2024). Woody encroachment modifies subsurface structure
and hydrological function. Ecohydrology, 18(2), e2731. https://doi.org/10.1002/eco.2731

Jastrow, J. D. (1996). Soil aggregate formation and the accrual of particulate and mineral‐associated organic matter. Soil Biology and
Biochemistry, 28(4–5), 665–676. https://doi.org/10.1016/0038‐0717(95)00159‐X

Jilling, A., Keiluweit, M., Gutknecht, J. L., & Grandy, A. S. (2021). Priming mechanisms providing plants and microbes access to mineral‐
associated organic matter. Soil Biology and Biochemistry, 158, 108265. https://doi.org/10.1016/j.soilbio.2021.108265

Jobbágy, E. G., & Jackson, R. B. (2000). The vertical distribution of soil organic carbon and its relation to climate and vegetation. Ecological
Applications, 10(2), 423–436. https://doi.org/10.1890/1051‐0761(2000)010[0423:TVDOSO]2.0.CO;2

Jobbágy, E. G., & Jackson, R. B. (2001). The distribution of soil nutrients with depth: Global patterns and the imprint of plants. Biogeochemistry,
53(1), 51–77. https://doi.org/10.1023/A:1010760720215

Jobbágy, E. G., & Jackson, R. B. (2004). The uplift of soil nutrients by plants: Biogeochemical consequences across scales. Ecology, 85(9), 2380–
2389. https://doi.org/10.1890/03‐0245

Johnson, M. S., & Lehmann, J. (2006). Double‐funneling of trees: Stemflow and root‐induced preferential flow. Écoscience, 13(3), 324–333.
https://doi.org/10.2980/i1195‐6860‐13‐3‐324.1

Jones, D. L., Dennis, P. G., Owen, A. G., & van Hees, P. A.W. (2003). Organic acid behavior in soils –Misconceptions and knowledge gaps. Plant
and Soil, 248(1–2), 31–41. https://doi.org/10.1023/A:1022304332313

Kaiser, K., & Kalbitz, K. (2012). Cycling downwards – Dissolved organic matter in soils. Soil Biology and Biochemistry, 52, 29–32. https://doi.
org/10.1016/j.soilbio.2012.04.002

Kallenbach, C. M., Grandy, A. S., Frey, S. D., & Diefendor, A. F. (2015). Microbial physiology and necromass regulate agricultural soil carbon
accumulation. Soil Biology and Biochemistry, 91, 279–290. https://doi.org/10.1016/j.soilbio.2015.09.005

Keiluweit, M., Bougoure, J. J., Nico, P. S., Pett‐Ridge, J., Weber, P. K., & Kleber, M. (2015). Mineral protection of soil carbon counteracted by
root exudates. Nature Climate Change, 5(6), 588–595. https://doi.org/10.1038/nclimate2580

Kennedy, D., Swenson, S., Oleson, K. W., Lawrence, D. M., Fisher, R., da Costa, A. C. L., & Gentine, P. (2019). Implementing plant hydraulics in
the Community Land Model, Version 5. Journal of Advances in Modeling Earth Systems, 11(2), 485–513. https://doi.org/10.1029/
2018MS001500

Kerins, D., Sadayappan, K., Zhi, W., Sullivan, P. L., Williams, K. H., Carroll, R. W. H., et al. (2024). Hydrology outweighs temperature in driving
production and export of dissolved carbon in a snowy mountain catchment. Water Resources Research, 60(7), e2023WR036077. https://doi.
org/10.1029/2023WR036077

Klos, P. Z., Goulden, M. L., Riebe, C. S., Tague, C. L., O’Geen, A. T., Flinchum, B. A., et al. (2017). Subsurface plant‐accessible water in
mountain ecosystems with a Mediterranean climate. WIREs Water, 5(3), e1277. https://doi.org/10.1002/wat2.1277

Knox, R. G., Koven, C. D., Riley,W. J., Walker, A. P., Wright, S. J., Holm, J. A., et al. (2024). Nutrient dynamics in a coupled terrestrial biosphere
and land model (ELM‐FATES‐CNP). Journal of Advances in Modeling Earth Systems, 16(3), e2023MS003689. https://doi.org/10.1029/
2023MS003689

Koven, C. D., Riley, W. J., Subin, Z. M., Tang, J. Y., Torn, M. S., Collins, W. D., et al. (2013). The effect of vertically resolved soil biogeo-
chemistry and alternate soil C and N models on C dynamics of CLM4. Biogeosciences, 10(11), 7109–7131. https://doi.org/10.5194/bg‐10‐
7109‐2013

Kraepiel, A. M. L., Dere, A. L., Herndon, E. M., & Brantley, S. L. (2015). Natural and anthropogenic processes contributing to metal enrichment
in surface soils of central Pennsylvania. Biogeochemistry, 123(1–2), 265–283. https://doi.org/10.1007/s10533‐015‐0068‐5

Kravchenko, A. N., Guber, A. K., Razavi, B. S., Koestel, J., Quigley, M. Y., Robertson, G. P., & Kuzyakov, Y. (2019). Microbial spatial footprint
as a driver of soil carbon stabilization. Nature Communications, 10(1), 3121. https://doi.org/10.1038/s41467‐019‐11057‐4

Kuhnhammer, K., van Haren, J., Kubert, A., Bailey, K., Dubbert, M., Hu, J., et al. (2023). Deep roots mitigate drought impacts on tropical trees
despite limited quantitative contribution to transpiration. Science of the Total Environment, 893, 164763. https://doi.org/10.1016/j.scitotenv.
2023.164763

Kulmatiski, A. (2024). Water matching: An explanation for plant growth and coexistence in water‐limited systems.Discover Soil, 1, 2. https://doi.
org/10.1007/s44378‐024‐00002‐7

Lang, A. K., Pastore, M. A., Walters, B. F., & Domke, G. M. (2025). Bulk density calculation methods systematically alter estimates of soil
organic carbon stocks in United States forests. Biogeochemistry, 168(3), 44. https://doi.org/10.1007/s10533‐025‐01235‐6

Lawrence, D. M., Fisher, R. A., Koven, C. D., Oleson, K. W., Swenson, S. C., Bonan, G., et al. (2019). The Community Land Model version 5:
Description of new features, benchmarking, and impact of forcing uncertainty. Journal of Advances in Modeling Earth Systems, 11(12), 4245–
4287. https://doi.org/10.1029/2018MS001583

Le Bissonnais, Y. (1996). Aggregate stability and assessment of soil crustability and erodibility: I. Theory and methodology. European Journal of
Soil Science, 47(4), 425–437. https://doi.org/10.1111/j.1365‐2389.1996.tb01843.x

Lee, J.‐E., Oliveira, R. S., Dawson, T. E., & Fung, I. (2005). Root functioning modifies seasonal climate. Proceedings of the National Academy of
Sciences, 102(49), 17576–17581. https://doi.org/10.1073/pnas.0508785102

Liang, C., Amelung, W., Lehmann, J., & Kästner, M. (2019). Quantitative assessment of microbial necromass contribution to soil organic matter.
Global Change Biology, 25(11), 3578–3590. https://doi.org/10.1111/gcb.14781

Lu, J., Zhang, Q., Werner, A. D., Li, Y., Jiang, S., & Tan, Z. (2020). Root‐induced changes of soil hydraulic properties – A review. Journal of
Hydrology, 589, 125203. https://doi.org/10.1016/j.jhydrol.2020.125203

Lu, M., Wang, S., Malhotra, A., Tumber‐Dávila, S. J., Weintraub‐Leff, S., McCormack, M. L., et al. (2025). A continental scale analysis reveals
widespread root bimodality. Nature Communications, 16(1), 5281. https://doi.org/10.1038/s41467‐025‐60055‐2

Lucas, M., Schluter, S., Vogel, H.‐J., & Vetterlein, D. (2019). Soil structure formation along an agricultural chronosequence.Geoderma, 350, 61–
72. https://doi.org/10.1016/j.geoderma.2019.04.041

MacKinnon, J. G., & White, H. (1985). Some heteroskedasticity‐consistent covariance matrix estimators with improved finite sample properties.
Journal of Econometrics, 29(3), 305–325. https://doi.org/10.1016/0304‐4076(85)90158‐7

Makita, N., Kosugi, Y., Dannoura, M., Takanashi, S., Niiyama, K., Kassim, A. R., & Nik, A. R. (2012). Patterns of root respiration rates and
morphological traits in 13 tree species in a tropical forest. Tree Physiology, 32(3), 303–312. https://doi.org/10.1093/treephys/tps008

Malhotra, A., Moore, J. A. M., Weintraub‐Leff, S., Georgiou, K., Berhe, A. A., Billings, S. A., et al. (2025). Fine root and soil carbon stocks are
positively related in grasslands but not in forests. Communications Earth & Environment, 6(1), 497. https://doi.org/10.1038/s43247‐025‐
02486‐9

AGU Advances 10.1029/2025AV002072

BILLINGS ET AL. 22 of 24

 2576604x, 2025, 6, D
ow

nloaded from
 https://agupubs.onlinelibrary.w

iley.com
/doi/10.1029/2025A

V
002072 by K

ansas State U
niversity, W

iley O
nline L

ibrary on [14/01/2026]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://doi.org/10.1007/s10021-025-01008-0
https://doi.org/10.1002/eco.2731
https://doi.org/10.1016/0038-0717(95)00159-X
https://doi.org/10.1016/j.soilbio.2021.108265
https://doi.org/10.1890/1051-0761(2000)010%5B0423:TVDOSO%5D2.0.CO;2
https://doi.org/10.1023/A:1010760720215
https://doi.org/10.1890/03-0245
https://doi.org/10.2980/i1195-6860-13-3-324.1
https://doi.org/10.1023/A:1022304332313
https://doi.org/10.1016/j.soilbio.2012.04.002
https://doi.org/10.1016/j.soilbio.2012.04.002
https://doi.org/10.1016/j.soilbio.2015.09.005
https://doi.org/10.1038/nclimate2580
https://doi.org/10.1029/2018MS001500
https://doi.org/10.1029/2018MS001500
https://doi.org/10.1029/2023WR036077
https://doi.org/10.1029/2023WR036077
https://doi.org/10.1002/wat2.1277
https://doi.org/10.1029/2023MS003689
https://doi.org/10.1029/2023MS003689
https://doi.org/10.5194/bg-10-7109-2013
https://doi.org/10.5194/bg-10-7109-2013
https://doi.org/10.1007/s10533-015-0068-5
https://doi.org/10.1038/s41467-019-11057-4
https://doi.org/10.1016/j.scitotenv.2023.164763
https://doi.org/10.1016/j.scitotenv.2023.164763
https://doi.org/10.1007/s44378-024-00002-7
https://doi.org/10.1007/s44378-024-00002-7
https://doi.org/10.1007/s10533-025-01235-6
https://doi.org/10.1029/2018MS001583
https://doi.org/10.1111/j.1365-2389.1996.tb01843.x
https://doi.org/10.1073/pnas.0508785102
https://doi.org/10.1111/gcb.14781
https://doi.org/10.1016/j.jhydrol.2020.125203
https://doi.org/10.1038/s41467-025-60055-2
https://doi.org/10.1016/j.geoderma.2019.04.041
https://doi.org/10.1016/0304-4076(85)90158-7
https://doi.org/10.1093/treephys/tps008
https://doi.org/10.1038/s43247-025-02486-9
https://doi.org/10.1038/s43247-025-02486-9


Markewitz, D., Devine, S., Davidson, E. A., Brando, P. M., & Nepstad, D. C. (2010). Soil moisture depletion under simulated drought in the
Amazon: Impacts on deep root uptake. New Phytologist, 187(3), 592–607. https://doi.org/10.1111/j.1469‐8137.2010.03391.x

Martinez, P., Burrman, P., Luciano do Nascimento, D., Almquist, V., & Vidal‐Torrado, P. (2021). Substantial changes in podzol morphology after
tree‐roots modify soil porosity and hydrology in a tropical coastal rainforest. Plant and Soil, 463(1–2), 77–95. https://doi.org/10.1007/s11104‐
021‐04896‐y

McCormack, M. L., Adams, T. S., Smithwick, E. A. H., & Eissenstat, D. M. (2012). Predicting fine root lifespan from plant functional traits in
temperate trees. New Phytologist, 195(4), 823–831. https://doi.org/10.1111/j.1469‐8137.2012.04198.x

McDowell, N. G., Brodribb, T. J., & Nardini, A. (2019). Hydraulics in the 21st century.New Phytologist, 224(2), 537–542. https://doi.org/10.1111/
nph.16151

Meier, I. C., Tückmantel, T., Heitkötter, J., Müller, K., Preusser, S., Wrobel, T. J., et al. (2020). Root exudation of mature beech forests across a
nutrient availability gradient: The role of root morphology and fungal activity. New Phytologist, 226(2), 583–594. https://doi.org/10.1111/nph.
16389

Merrill, G. P. (1897). A treatise on rocks, rock‐weathering and soils. Macmillan.
Moreland, K., Tian, Z., Berhe, A. A., McFarlane, K., Hartsough, P., Hart, S. C., et al. (2021). Deep in the Sierra Nevada critical zone: Saprock
represents a large terrestrial organic carbon stock. Environmental Research Letters, 16(12), 124059. https://doi.org/10.1088/1748‐9326/ac3bfe

Nepstad, D. C., de Carvalho, C. R., Davidson, E. A., Jipp, P. H., Lefebvre, P. A., Negreiros, G. H., et al. (1994). The role of deep roots in the
hydrological and carbon cycles of Amazonian forests and pastures. Nature, 372(6507), 666–669. https://doi.org/10.1038/372666a0

Neumann, R. B., & Cardon, Z. G. (2012). The magnitude of hydraulic redistribution by plant roots: A review and synthesis of empirical and
modeling studies. New Phytologist, 194(2), 337–352. https://doi.org/10.1111/j.1469‐8137.2012.04088.x

Newman, G. S., Coble, A. A., Haskins, K. E., Kowler, A. L., & Hart, S. C. (2020). The expanding role of deep roots during long‐term terrestrial
ecosystem development. Journal of Ecology, 108(6), 2256–2269. https://doi.org/10.1111/1365‐2745.13444

Nippert, J. B., & Knapp, A. K. (2007). Linking water uptake with rooting patterns in grassland species. Oecologia, 153(2), 261–272. https://doi.
org/10.1007/s00442‐007‐0745‐8

Nippert, J. B., Wieme, R. A., Ocheltree, T. W., & Craine, J. M. (2012). Root characteristics of C4 grasses limit reliance on deep soil water in
tallgrass prairie. Plant and Soil, 355(1), 385–394. https://doi.org/10.1007/s11104‐011‐1112‐4

Oades, J. M. (1984). Soil organic matter and structural stability: Mechanisms and implications for management. Plant and Soil, 76(1), 319–337.
https://doi.org/10.1007/BF02205590

Oh, N.‐H., & Richter, D. D. (2004). Soil acidification induced by elevated atmospheric CO2. Global Change Biology, 10(11), 1936–1946. https://
doi.org/10.1111/j.1365‐2486.2004.00864.x

O’Keefe, K., Bell, D. M., McCulloh, K. A., & Nippert, J. B. (2020). Bridging the flux gap: Sap flowmeasurements reveal species‐specific patterns
of water use in a tallgrass prairie. Journal of Geophysical Research: Biogeosciences, 125(2), e2019JG005446. https://doi.org/10.1029/
2019JG005446

O’Keefe, K., & Nippert, J. B. (2017). An assessment of diurnal water uptake in a mesic prairie: Evidence for hydraulic lift? Oecologia, 183(4),
963–975. https://doi.org/10.1007/s00442‐017‐3827‐2

Ostonen, I., Püttsepp, Ü., Biel, C., Alberton, O., Bakker, M. R., Lõhmus, K., et al. (2007). Specific root length as an indicator of environmental
change. Plant Biosystems, 141(3), 426–442. https://doi.org/10.1080/11263500701626069

Paradiso, E., Jevon, F., &Matthes, J. (2019). Fine root respiration is more strongly correlated with root traits than tree species identity. Ecosphere,
10(11), e02944. https://doi.org/10.1002/ecs2.2944

Poeplau, C., Don, A., & Schneider, F. (2021). Roots are key to increasing the mean residence time of organic carbon entering temperate agri-
cultural soils. Global Change Biology, 27(19), 5545–5557. https://doi.org/10.1111/gcb.15787

Rauscher, H. M., Berhe, A. A., Sierra, C. A., Tuller, M., Fogel, M. L., & Horwath, W. R. (2018). Controls on soil organic carbon partitioning and
stabilization in the California Sierra Nevada. Soil Systems, 2(3), 41. https://doi.org/10.3390/soilsystems2030041

R Core Team. (2023). R: A Language and environment for statistical computing. R Foundation for Statistical Computing.
Rempe, D. M., & Dietrich, W. E. (2018). Direct observations of rock moisture, a hidden component of the hydrologic cycle. Proceedings of the

National Academy of Sciences, 115(11), 2664–2669. https://doi.org/10.1073/pnas.1800141115
Richter, D. D., Eppes, M.‐C., Austin, J. C., Bacon, A. R., Billings, S. A., Brecheisen, Z., et al. (2020). Soil production and the soil geomorphology
legacy of Grove Karl Gilbert. Soil Science Society of America Journal, 84, 1–13. https://doi.org/10.1002/saj2.20030

Richter, D. B., Oh, N. H., Fimmen, R., & Jackson, J. (2007). The rhizosphere and soil formation. In Z. G. Cardon & J. L. Whitbeck (Eds.), The
rhizosphere: An ecological perspective (pp. 179–200). Elsevier.

Rillig, M. C., Aguilar‐Trigueros, C. A., Bergmann, J., Verbruggen, E., Veresoglou, S. D., & Lehmann, A. (2015). Plant root and mycorrhizal
fungal traits for understanding soil aggregation. New Phytologist, 205(4), 1385–1398. https://doi.org/10.1111/nph.13045

Schenk, H. J., & Jackson, R. B. (2002). The global biogeography of roots. Ecological Monographs, 72(3), 311–328. https://doi.org/10.1890/0012‐
9615(2002)072[0311:TGBOR]2.0.CO;2

Schlüter, S., Blaser, S. R. G. A., Weber, M., Schmidt, V., & Vetterlein, D. (2018). Quantification of root growth patterns from the soil perspective
via root distance models. Frontiers in Plant Science, 9, 1084. https://doi.org/10.3389/fpls.2018.01084

Schneider, C. A., Rasband, W. S., & Eliceiri, K. W. (2012). NIH Image to ImageJ: 25 years of image analysis. Nature Methods, 9(7), 671–675.
https://doi.org/10.1038/nmeth.2089

Schuurman, J. J., & Goedewaagen, M. A. J. (1971).Methods for the examination of root systems and roots. Center for Agricultural Publishing and
Documentation.

Schwarz, M., Lehmann, P., & Or, D. (2010). Quantifying lateral root reinforcement in steep slopes – From a bundle of roots to tree stands. Earth
Surface Processes and Landforms, 35(3), 354–367. https://doi.org/10.1002/esp.1927

Selker, J. S., McCord, J. T., & Keller, C. K. (1999). Vadose zone processes. CRC Press.
Shi, M., Fisher, J. B., Brzostek, E. R., & Phillips, R. P. (2016). Carbon cost of plant nitrogen acquisition: Global carbon cycle impact from an
improved plant nitrogen cycle in the Community Land Model. Global Change Biology, 22(3), 1299–1314. https://doi.org/10.1111/gcb.13131

Simpson, A. J., Simpson, M. J., Smith, E., & Kelleher, B. P. (2007). Microbially derived inputs to soil organic matter: Are current estimates too
low? Environmental Science & Technology, 41(23), 8070–8076. https://doi.org/10.1021/es071217x

Simunek, J., van Genuchten, M. T., & Sejna, M. (2016). Recent developments and applications of the HYDRUS computer software packages.
Vadose Zone Journal, 15(7), vzj2016‐04. https://doi.org/10.2136/vzj2016.04.0033

Singer, M. J., Southard, R. J., Warrington, D. N., & Janitzky, P. (1992). Stability of synthetic sand‐clay aggregates after wetting and drying cycles.
Soil Science Society of America Journal, 56(6), 1843–1848. https://doi.org/10.2136/sssaj1992.03615995005600060032x

Six, J., & Paustian, K. (2013). Aggregate‐associated soil organic matter as an ecosystem property and a measurement tool. Soil Biology and
Biochemistry, 68, A4–A9. https://doi.org/10.1016/j.soilbio.2013.06.014

AGU Advances 10.1029/2025AV002072

BILLINGS ET AL. 23 of 24

 2576604x, 2025, 6, D
ow

nloaded from
 https://agupubs.onlinelibrary.w

iley.com
/doi/10.1029/2025A

V
002072 by K

ansas State U
niversity, W

iley O
nline L

ibrary on [14/01/2026]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://doi.org/10.1111/j.1469-8137.2010.03391.x
https://doi.org/10.1007/s11104-021-04896-y
https://doi.org/10.1007/s11104-021-04896-y
https://doi.org/10.1111/j.1469-8137.2012.04198.x
https://doi.org/10.1111/nph.16151
https://doi.org/10.1111/nph.16151
https://doi.org/10.1111/nph.16389
https://doi.org/10.1111/nph.16389
https://doi.org/10.1088/1748-9326/ac3bfe
https://doi.org/10.1038/372666a0
https://doi.org/10.1111/j.1469-8137.2012.04088.x
https://doi.org/10.1111/1365-2745.13444
https://doi.org/10.1007/s00442-007-0745-8
https://doi.org/10.1007/s00442-007-0745-8
https://doi.org/10.1007/s11104-011-1112-4
https://doi.org/10.1007/BF02205590
https://doi.org/10.1111/j.1365-2486.2004.00864.x
https://doi.org/10.1111/j.1365-2486.2004.00864.x
https://doi.org/10.1029/2019JG005446
https://doi.org/10.1029/2019JG005446
https://doi.org/10.1007/s00442-017-3827-2
https://doi.org/10.1080/11263500701626069
https://doi.org/10.1002/ecs2.2944
https://doi.org/10.1111/gcb.15787
https://doi.org/10.3390/soilsystems2030041
https://doi.org/10.1073/pnas.1800141115
https://doi.org/10.1002/saj2.20030
https://doi.org/10.1111/nph.13045
https://doi.org/10.1890/0012-9615(2002)072%5B0311:TGBOR%5D2.0.CO;2
https://doi.org/10.1890/0012-9615(2002)072%5B0311:TGBOR%5D2.0.CO;2
https://doi.org/10.3389/fpls.2018.01084
https://doi.org/10.1038/nmeth.2089
https://doi.org/10.1002/esp.1927
https://doi.org/10.1111/gcb.13131
https://doi.org/10.1021/es071217x
https://doi.org/10.2136/vzj2016.04.0033
https://doi.org/10.2136/sssaj1992.03615995005600060032x
https://doi.org/10.1016/j.soilbio.2013.06.014


Soil Survey Staff. (2022a). Kellogg soil survey laboratory methods manual. Soil Survey Investigations Report No. 42, Version 6.0. U.S.
Department of Agriculture, Natural Resources Conservation Service.

Soil Survey Staff. (2022b). Keys to soil taxonomy (13th ed.). U.S. Department of Agriculture, Natural Resources Conservation Service.
Sokol, N. W., Slessarev, E., Marschmann, G. L., Nicolas, A., Blazewicz, S. J., Brodie, E. L., et al. (2022). Life and death in the soil microbiome:
How ecological processes influence biogeochemistry. Nature Reviews Microbiology, 20(7), 415–430. https://doi.org/10.1038/s41579‐022‐
00695‐z

Soper, F. M., Chamberlain, S. D., Crumsey, J. M., Gregor, S., Derry, L. A., & Sparks, J. P. (2018). Biological cycling of mineral nutrients in a
temperate forested shale catchment. Journal of Geophysical Research: Biogeosciences, 123(10), 1043–1058. https://doi.org/10.1029/
2018JG004639

Souza, L. F. T., Hirmas, D. R., Sullivan, P. L., Reuman, D. C., Kirk, M. F., Li, L., et al. (2023). Root distributions, precipitation, and soil structure
converge to govern soil organic carbon depth distributions. Geoderma, 437, 116569. https://doi.org/10.1016/j.geoderma.2023.116569

Stevenson, D. S. (1967). Effective soil volume and its importance to root and top growth of plants. Canadian Journal of Soil Science, 47(3), 163–
174. https://doi.org/10.4141/cjss67‐029

Stewart, B., & Li, L. (2025). Mechanisms underlying near‐universal export‐patterns of dissolved carbon from land to rivers. Global Biogeo-
chemical Cycles, 39(8), e2024GB008361. https://doi.org/10.1029/2024GB008361

Stone, E. L. (1975). Effects of species on nutrient cycles and soil change. Philosophical Transactions of the Royal Society of London ‐ B, 271, 149–
162. https://doi.org/10.1098/rstb.1975.0041

Stone, E. L., & Kalisz, P. J. (1991). On the maximum extent of tree roots. Forest Ecology and Management, 46(1–2), 59–102. https://doi.org/10.
1016/0378‐1127(91)90245‐Q

Strobl, C., Boulesteix, A., Kneib, T., Augustin, T., & Zeileis, A. (2008). Conditional variable importance for random forests. BMC Bioinformatics,
9(1), 307. https://doi.org/10.1186/1471‐2105‐9‐307

Strobl, C., Boulesteix, A., Zeileis, A., & Hothorn, T. (2007). Bias in random forest variable importance measures: Illustrations, sources and a
solution. BMC Bioinformatics, 8(1), 25. https://doi.org/10.1186/1471‐2105‐8‐25

Sullivan, P. L., Billings, S. A., Hirmas, D., Li, L., Zhang, X., Ziegler, S., et al. (2022). Embracing the dynamic nature of soil structure: A paradigm
illuminating the role of life in critical zones of the Anthropocene. Earth‐Science Reviews, 225, 103873. https://doi.org/10.1016/j.earscirev.
2021.103873

Sullivan, P. L., Genereux, D. P., Brookfield, A. E., Rempe, D., Stotler, R. L., Barnard, H. R., et al. (2024). Groundwater – The dynamic base of the
CZ. In T. White & A. Provenzale (Eds.), Critical zone and ecosystem dynamics. Springer Nature.

Sullivan, P. L., Godderis, Y., Shi, Y., Gu, X., Schott, J., Hasenmueller, E. A., et al. (2019). Exploring the effect of aspect to inform future
earthcasts of climate‐driven changes in weathering of shale. Journal of Geophysical Research: Earth Surface, 124(4), 974–993. https://doi.org/
10.1029/2017JF004556

Sun, L., Ataka, M., Han, M., Han, Y., Gan, D., Xu, T., et al. (2020). Root exudation as a major competitive fine‐root functional trait of 18
coexisting species in a subtropical forest. New Phytologist, 229(1), 259–271. https://doi.org/10.1111/nph.16865

Swenson, S. C., Clark, M., Fan, Y., Lawrence, D. M., & Perket, J. (2019). Representing intrahillslope lateral subsurface flow in the Community
Land Model. Journal of Advances in Modeling Earth Systems, 11(12), 4044–4065. https://doi.org/10.1029/2019MS001833

Switzer, G. L., & Nelson, L. E. (1972). Nutrient accumulation and cycling in loblolly pine (Pinus taeda L.) plantation ecosystems: The first twenty
years. Soil Science Society of America Journal, 36(1), 143–147. https://doi.org/10.2136/sssaj1972.03615995003600010033x

Trumbore, S. (2009). Radiocarbon and soil carbon dynamics. Annual Review of Earth and Planetary Sciences, 37(1), 47–66. https://doi.org/10.
1146/annurev.earth.36.031207.124300

Tumber‐Dávila, S. J., Schenk, H. J., Du, E., & Jackson, R. B. (2022). Plant sizes and shapes above and belowground and their interactions with
climate. New Phytologist, 235(3), 1032–1056. https://doi.org/10.1111/nph.18031

van Noordwijk, M., Brouwer, G., Meijboom, F., Oliveira, M. D. R. G., & Bengough, A. G. (2000). Trench profile techniques and core break
methods. In A. L. Smit, A. G. Bengough, C. Engels, M. van Noordwijk, S. Pellerin, & S. C. van de Geijn (Eds.), Root methods: A handbook (pp.
211–233). Springer.

Wang, B., McCormack, M. L., Ricciuto, D. M., Yang, X., & Iversen, C. M. (2023). Embracing fine‐root system complexity in terrestrial
ecosystem modelling. Global Change Biology, 29(11), 2871–2885. https://doi.org/10.1111/gcb.16659

Wang, L., Billings, S., Li, L., Hirmas, D. R., Johnson, K., Kerins, D., et al. (2025). Soil signals key mechanisms driving greater protection of
organic carbon under aspen compared to conifer in a North American montane ecosystem. Biogeosciences, 22(20), 6097–6117. https://doi.org/
10.5194/bg‐22‐6097‐2025

Wang, L., Pang, X., Li, N., Qi, K., Huang, J., & Yin, C. (2020). Effects of vegetation type, fine and coarse roots on soil microbial communities and
enzyme activities in eastern Tibetan plateau. Catena, 194, 104694. https://doi.org/10.1016/j.catena.2020.104694

Weaver, J. E., & Bruner, W. E. (1927). Root development of vegetable crops. McGraw‐Hill.
Wen, H., Sullivan, P. L., Billings, S. A., Ajami, H., Cueva, A., Flores, A., et al. (2022). From soils to streams: Connecting terrestrial carbon
transformation, chemical weathering, and solute export across hydrological regimes. Water Resources Research, 58(7), e2022WR032314.
https://doi.org/10.1029/2022WR032314

Wen, H., Sullivan, P. L., Macpherson, G. L., Billings, S. A., & Li, L. (2021). Deepening roots can enhance carbonate weathering. Biogeosciences,
18(1), 55–75. https://doi.org/10.5194/bg‐18‐55‐2021

White, H. (1980). A heteroskedasticity‐consistent covariance matrix estimator and a direct test for heteroskedasticity. Econometrica, 48(4), 817–
838. https://doi.org/10.2307/1912934

Wiersum, L. K. (1957). The relationship of the size and structural rigidity of pores and their penetration by roots. Plant and Soil, 9(1), 75–85.
https://doi.org/10.1007/BF01343483

Wiersum, L. K. (1961). Utilization of soil by the plant root system. Plant and Soil, 15(2), 189–192. https://doi.org/10.1007/BF01347227
Xiao, D., Brantley, S. L., & Li, L. (2021). Vertical connectivity regulates water transit time and chemical weathering at the hillslope scale.Water

Resources Research, 57(8), e2020WR029207. https://doi.org/10.1029/2020WR029207
Yan, S., Yin, L., Dijkstra, F. A., Wang, P., & Cheng, W. (2023). Priming effect on soil carbon decomposition by root exudate surrogates: A meta‐
analysis. Soil Biology and Biochemistry, 178, 108955. https://doi.org/10.1016/j.soilbio.2023.108955

Zeileis, A., Hothorn, T., & Hornik, K. (2008). Model‐based recursive partitioning. Journal of Computational & Graphical Statistics, 17(2), 492–
514. https://doi.org/10.1198/106186008X319331

Zeng, X. (2001). Global vegetation root distribution for land modeling. Journal of Hydrometeorology, 2(5), 525–530. https://doi.org/10.1175/
1525‐7541(2001)002<0525:GVRDFL>2.0.CO;2

Zhang, Y., Niu, J., Yu, X., Zhu, W., & Du, X. (2015). Effects of fine root length density and root biomass on soil preferential flow in forest
ecosystems. Forest Systems, 24(1), e‐06048. https://doi.org/10.5424/fs/2015241‐06048

AGU Advances 10.1029/2025AV002072

BILLINGS ET AL. 24 of 24

 2576604x, 2025, 6, D
ow

nloaded from
 https://agupubs.onlinelibrary.w

iley.com
/doi/10.1029/2025A

V
002072 by K

ansas State U
niversity, W

iley O
nline L

ibrary on [14/01/2026]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense

https://doi.org/10.1038/s41579-022-00695-z
https://doi.org/10.1038/s41579-022-00695-z
https://doi.org/10.1029/2018JG004639
https://doi.org/10.1029/2018JG004639
https://doi.org/10.1016/j.geoderma.2023.116569
https://doi.org/10.4141/cjss67-029
https://doi.org/10.1029/2024GB008361
https://doi.org/10.1098/rstb.1975.0041
https://doi.org/10.1016/0378-1127(91)90245-Q
https://doi.org/10.1016/0378-1127(91)90245-Q
https://doi.org/10.1186/1471-2105-9-307
https://doi.org/10.1186/1471-2105-8-25
https://doi.org/10.1016/j.earscirev.2021.103873
https://doi.org/10.1016/j.earscirev.2021.103873
https://doi.org/10.1029/2017JF004556
https://doi.org/10.1029/2017JF004556
https://doi.org/10.1111/nph.16865
https://doi.org/10.1029/2019MS001833
https://doi.org/10.2136/sssaj1972.03615995003600010033x
https://doi.org/10.1146/annurev.earth.36.031207.124300
https://doi.org/10.1146/annurev.earth.36.031207.124300
https://doi.org/10.1111/nph.18031
https://doi.org/10.1111/gcb.16659
https://doi.org/10.5194/bg-22-6097-2025
https://doi.org/10.5194/bg-22-6097-2025
https://doi.org/10.1016/j.catena.2020.104694
https://doi.org/10.1029/2022WR032314
https://doi.org/10.5194/bg-18-55-2021
https://doi.org/10.2307/1912934
https://doi.org/10.1007/BF01343483
https://doi.org/10.1007/BF01347227
https://doi.org/10.1029/2020WR029207
https://doi.org/10.1016/j.soilbio.2023.108955
https://doi.org/10.1198/106186008X319331
https://doi.org/10.1175/1525-7541(2001)002%3C0525:GVRDFL%3E2.0.CO;2
https://doi.org/10.1175/1525-7541(2001)002%3C0525:GVRDFL%3E2.0.CO;2
https://doi.org/10.5424/fs/2015241-06048

	description
	Contrasting Depth Dependencies of Plant Root Presence and Mass Across Biomes Underscore Prolific Root‐Regolith Interactions
	1. Introduction
	2. Methods
	2.1. Root Presence‐Absence Quantification and Assumptions
	2.2. Root Mass Quantification
	2.3. Additional Site Information
	2.4. Scaling and Statistical Approaches

	3. Results
	3.1. Distinct Depth Profiles in Presence‐Absence and Mass Data
	3.2. Scaled Data Highlight Horizon‐Specific Differences Between Root Presence and Mass Data
	3.3. Distinct Drivers at Different Depths Govern Root Presence and Presence‐Mass Discrepancies

	4. Discussion
	4.1. Soil Organic C Production, Transformations and Persistence
	4.2. Deep Soil Nutrient Liberation and Regolith Weathering
	4.3. Water Residence Times, Storage, and Fluxes
	4.4. Implications of Root Presence Depth Distributions for Modeling

	5. Conclusions
	Conflict of Interest
	Data Availability Statement



